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Abstract

After a brief and critical overview of tieethodological basis of the research on the role of media in

the politicization process of the migration crisie came to the conclusion that our knowledge is often
based on anales using rather unreliable methodology. As an illustration of a bettartisal we
created a large dataset from online articles published in Hungary between January 2015 and April 2018,
and carried out an analysis of prevalence and some aspects of the content of the politicization process.
With this exercise wimtended toset an examplefor EU authoritiesvhy to createa proper dataset to

follow the mediatized form of the policicization processesould be usefulAt the end of the case

study, to demonstrate the essence of our approach for more methodaeggitive Readers wiefly

definad the basic terms we used, and in the Appendices we sumrddinzenain characteristics of the
research design and the dataset we constructed.
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Introduction

In the proposalof CEASEVAke argued thatin order to analyzethe development of migration
discourses angoliticizationwe shouldanalyze

& Xhe importance attributed by the media to the arrival of refugees and EU and Mefnliet (G Sa Q
responsesyrevalence, the object or objects gdoliticization(issues discussed) and the actors involved

in the media discourse (expansion of actors and audiences). CEASEVAL will establish a common
research design and methodology in order to dbtdata, guide the analysis at the national level and
facilitate crossnational comparisol. Proposal, 2017%.66)

Later on wherdefining the role of the various teams as part of Task 3 in WP5 we decided thatJ A
will lead a research tearo

0X establis a common research design and methodology in order to obtain data, guide the analysis
at the national level and facilitate crossitional compariso. (ibid, p. 66)

The first part of these efforts were used jmmeparing the quantitative analysis of saliemof the
relocation quota discourse in theational reportso t I (i G S NJ/aadinthe sompayative anabis
(Pasettiand D N3 5 & O N2B1B)Ikithis paper we deepen our quantitative analysis of the
migration crisis (see Glossaryfpcusing on a single country (Hungary) and by developing a special
dataset to illustrate the potential of such approach for future research and policy making.

In Chapterl we offer a briefand criticaloverview of themethodological basis of the researoh the
role of media in the politicization proces$the migration crisisto point out that(1) our knowledge is
often based on rather shakgmpiricalground and (2) wit were the basic methodological ideas we
used to build our research design to minimalize these shortcom{@igapter 2 containa case study
of Hungarybetween January 2015 and April 204Bout the prevalenceand some aspects of the
content of the politiization processThisand the following working papeiare intended toservefor
EU authoritiesas a methodological experimetu outline the necessary (though insufficient) basis of
an allkEuropean discoursmonitoring systemThe development andegularupdating of such #arge
scale and properly designed cormauld be the basifl)to analyzethe discursivearendsof the media
(both prevalence and contentwise), (2) prepare simple (descriptive) comparative anedysf the
media contenton more focusedopics, and (3) creata corpuswhich can be usetb make valid and
reliable indepthdiscourse anales to uncover théidden content of the mediaChapter 3 concludes
and outlines further possible usef such adataset.To cemonstrate the essence of our approafc
more methodologysensitiveReadersinthe Glossary we briefly define the basic terwe usel, and

in the Appendceswe summarize the main characteristics of the research design and the dataset we
constructed

We assume thawith the help of our case study we can illustrate the usefuleésteveloping a reliable

and large dataset and applying content analy¥i& think thisis important if we accept that (1) the

media has atrongimpetus onpublic opinion, (2and this will even morde the case in the future

when (3) issues which are morally sensitifgich as migratiots, a topic in which casethe simplest

news has the tendency of becoming heavily loaded emotionailyy be more and more the target of

fakey Sga | yR 20 KSNJ FealiNdAnd(®iFwillbe dspe@aliifhe dasegbBernments

start to useorganized forms of propaganda?2 Y I y A LJdzt | G S & (usiBgmigratign agdf G K S
refugeeissues as a source of scapegoating, hatemoriigg and generating morglanic(see Glossary)

for political advantagesespecially (5) in its most developed form (the moral panic button, MPB, see

3
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Glossary) Finally (6) this database and analysis would help the Commission to
understand the triangle of actual migration discourses, W@ behavior in the
Council andin the European Court of Justiceoncerning asylum and migration issues of
the Member States

However, lefore we startour analysis it is uavoidable to explain why we use the termY A AN G A 2 y
O NJ thréughéut the papeinstead of other optionsandmost2 ¥ rhidration arisis ®he core of

the problem is that whichever term we decitte use weimmediatelyenter into the labellingdebate

as ourusedrefugee instead ofdmigrant (or vice versayill be interpreted by many readers as making

a political statement.

Writing the proposalof CEASEVALe used both terng®, and while thetitle of the project refers
implicitly (asylum seekers) to a refugee system, firet sentence on EASEVAL home page reads as
follows:

G{AYyOS HnmMpZI YAINIGAZ2Y (G2 FTYR SAGKAY 9dzNRBLIS KI &
lagfdzy {@adSyYy o/ 9! {0 o

As the title of the papeindicates, irthis paperwe opted forusingthe term migration crisis We would
OKSNEFT2NBE tA1S G2 adNBaa GKIFIG 2dzNJ dzaS 2F GKS S
statement (i.e. we do not mean to imply that those who came were NOT refugees). We are using both
GKS GSNXa& aYA3INIngpuely tkeghRcalgngukral deh3é.A 2 v ¢ A

Chapterl A methodologysensitivetreatise o the literature andthe research design

In aconcise metaanalysis othe stateof-art of the role of media itthe politicization process of the
Europeamigration crisisn and abou0156 { G I ( S Xhe authometonlygives a useful overview
in regard withthe role ofY S R A I Q & (se® Blbs¥akgf imigration (oftenusingsecuritizationor
threat frames) and often causingpublic anxietiesbut alko concludes that historical legacies and
attitude towardsthe EU arghe key drivers to account for crosmtional variation othese alternative
discoursesWe also learn thathe

o média does not operate in isolation to the wider politics of the isara the majority of research

has found that political discourse and media discourse are highly interlinked and presenting a
GOFdzalfAG8 RAESYYlI¢ 0SG6SSy GKS (g2 ALKSNBaxé oL
The paper refers to a comparative analyisigight countriegprepared for he Council for Europe in

2017 and summarizes the main findings as foltows

3 'YR [ @2ARAY3 (2 d&AS GKS @F3dz2S GSNY oYAESR Ft26é R
4 While outlining our research design (part B) we used the taefisgyee218 times (and as a procedural

subcategory of itasylum seeke64 times) andmigrant 170 times, i.e. we mixed the two terms but tended to

favour the former (49+14% versus 37%).

2 h¥ O2dzNES 6KSGKSNI 6KS GSN¥Y& aYAINIYyGé FYyR aYAINF
context. In case of Hungary, for example, these terms aref}N@Wzii NI £ o6dzi Kl ¢S yS3alF A @S O:
F2NBAIYE YR INB 2Fi0Sy dzASR Ay O2y iGN} aid (2 aNBFdASS:E
deserve charity and help).



a CANRGEEY (GKS 9dzNPLISIFYy LINBaa LI I &SR krisiO&y (i NI f
Europeg new arrivals were seeas outsiders and different from Europeansc&edly, theauthors
found significant differences across regiathere was a stark contsabetween mediacoverage on
the West and the East and especially between media in receiving anceneivingcountries. Thirdly,

X found significant temporal trers] with sympatheticand empathetic frames in the early stages of
the crisis gradually being replaced wittuspcion and in some cases hostility towards refugees.
Fourthly, theauthorsfound systematic and persigit hate speech and hosttly towardsrefugees,
especially in Eastern Europe (and Hungary specific&lffgihly, refugees and migrants had limited
agency and no voice in the preXsSixthly, the media played little attention to the context the
refugee plight; there were limited connectiosibetween stories on nearrivalsand warreporting for
SEIl YLEIS)PE

Another exercise compared the framing technigudsthe mediain five countries in (Spain, ltaly,
Germany, the Ukind Swedenin 2014and2015 (Berry et al, 2015) The main findinggeve

arhereport found major differences in terms of the sources journalists used (domestic politicians,
foreignpoliticians, citizens, or NGOSs), the language they employed, the reasons they gave for the rise
in refugee flows, and the solutions they suggest Germany and Sweden, for example,
overwhelminghydza SR G KS GSNX¥Ya& WNBFTdzZZ2SSQ 2NJ Wl aefdzy asSs|
wordWYAINI yiQd Ly { LI Ay {KStheRavafdwide diffdrendeS beMees I a W
the framing and lhemes. For exampldyumanitarian themes were more common in Italian coverage
than in British, German or Spaniphess. Threat themes (such as to the welfare system, or cultural
threats) were the most prevalent italy, Spain and BritaitX the Swedish pres was the most positive
towards refugees and migrants in contrast to the UK which was the most negativeotartzed X

NA ( | A-wing inedddwvas Kirdiquelgggressively il G2 OF YLI A3y a F3AFAyad NBTF
X governing parties or coalitiantended to dominate political sourcink the key challenger or
challengers cominfjom the antiA Y Y A 3 NJ (éXp21g) NRA I K Q®

S
A

In the concludinganalysisof the Special dsueof the Journal of Immigrant and Refugee Studies
(Triandafyllidoy 2018) the author introducedtwo competing frames: the moralizing frame and the
threat frame.Themoralizing frame plaatthe responsibility of theefugeeflows on wars, conflict and
violence in the countriesf origin and presents refugees as victims. The threatnf perceivd the
movement of people as a natural disaster. Accordingh® author, thesediscourses have to be

|
A

dzy RSNRG22R Ay NBtFdAz2y G2Y M0 GKS LRaiAbGA2yAy3d 2

past experiences of seeking or offerirefuge and hosting migrants dack thereof); and 3) local
politics

Finally, h a book on national discourses on the refugee crisis in 2065k S  a A ANJ thktygy X3 H
one authors @ve an overview of the main characteristics of tfiscursiveproceses and the role of
media ineighteenEuropean countries. In #introductory chapter theeditors wrote that

a RA a i Buyopedri p@rSpectiven the migration crisis does not exist but rather is, parallel to the
diverse range of European countries witifferent cultural and political traditions;haracterizedy

VVVVV

Ydzt GATEFOSGSR yI GA2Yy7V pagedlA)S s a dé OWAGGSNI S 3 Hn



If we accept the claims of Czymara and Dochow (Z20ft&)t

aO2YLI NAYy3 LISNA2Ra 2F OAQPGAR RAaOdzaaAz2ya ALK GAY
mediaX the predicted probability of being very concernitreasedoy about 13 percentage points.

Deeper investigations reveal that the media effect igstnpotent for individuals living in areas with

lower share of ethnic minorities and for those with lower education or conservative ideslagy

(abstract)

than theconclusion®f the previously mentioned comparative analyses shouldrbated as the solid
basis of hypothesis tanalyzethe role of media in the politicization process of timgration crisign
contemporary Europe.

The problem, however, is that often treforementionedanalyses do not have solid methodological
background enough to serve astbhasis of comparative conclusioi® illustrate the validity asuch
criticism we start with theexcellent literature review of the European media research (Eberl et al,
2018)based on themeta-analysis of 89 article§ he authorsummarized the chaceristicsof these
papersfrom the point of viewprevalenceas follows

aX v dzI y (i sodténtiahaySes gather textual data mainly via available online archiisidentify

relevant stories, most studies rely ertensive Boolean search strimgg$erring, for instance, to events

or actors associated with the discourea immigration... Most commonly prevalenceis measured

based on the absolute number or relative share of news stories referringpigration or to the

presence of certain migrargroupsX 2y f Ay S YSRAIFS SaLISOAlLtt® az2O0Al
generated content, are largely neglectedthere is little comparative research on tpeevalenceof
immigrationrelated issues or actors in the media across different European ceantrésearch often
F20dzaSa 2y (GKS GSN¥& 2cEker®o theralisyohl@aNdwyhimbed of st@liesd © W 3
analyzing different migration groups comparativetyusing longitudinal approaches. (p43

The author€xonclusion from methodolgical point & view is that

othe bulk of research in this field has focused on traditional news mehlii@ newsX through social
media has legely stayed on the sidénes X This literature review also showed that this field is
restricted to a handfubf European countriegftentimes with similar media systems. Research thus
far does not allow for a proper mapping oEaropean discourse on immigration in Eurofpe.1213)

While we agree with the critical remarks of the previous analysis, we miseed thitical points which

g2dzZ R LRAYG 2dzi GKS tAYAOGFdGA2ya GKS YSRAF NB&SIEN
statistical elements of a quantitativenalysisnvould require to be able to make to reliable and valid
generalizations.

For examplehe previously mentioned and otherwistaboratedanalysiof the media in five countries

6. SNNE Si It wnmpo F2ff26SR (K Sgongsdohedri¥itiadlyR LI (0 K £
selectednewspaperdrom quality and popular presandthe sampla were also rather limited (300

news per countryjo cover a whole yedr The multiple samplingnd the manual coding procedures

were very careful (see in detail éhdescriptios on page 25-28) as well as their efforts to adjust the

6 Their analysis is based on a longitudinal panel @idte25,000) of persons who were interviewed twice
between 2001 and 2015 in Germany.
7 Especially in light of their own decision to cover a single story for one week by 100 articles per country

(p 27).



search strings to the local needs, i.e. adding special terms to the translated general ones (see the
Spanish example in footnote 18Y.he research ignored electronic metand websiteslocal media,
extreme sources, i.e. those forms of the media which reaches the largest audfence.

Another comparative analysis of media representation of thmgration crisisin eight countries

(Chouliaraki et al, 20)used the same standardethodological solutions, i.eo€using on a small and
artificiallyselecedsample of sourcesi(6 2 0 Ay GKS ! dYdP F2dz2Nb ol Seé ySgal
FNRY ( KSandinNehcH Relvspaper 60 articles (20 articles focusing on the threelgiieed

major eventsy were selected during the ten working days f@owing the event.

To illustrate the merits and the limits of creatingroper methodological tools to analyze the
politicization processes of thaigration crisiswe focus on twa, earlier already mentionedexercises

which claim comparativity in Europeanlevab 221 6 ¢KS aA3dANF GA2Yy X HAMTO |y
Journal of Immigration and Refugee StudM& selected these two cases partly because they have

very different ideas coraning the methodology needed tanalyzethe processes of politicization,

partly because they have the largest European coverage.

The ultimate limit of these tw@ otherwise excellent selections, however, is that the sophisticated
linguisticdiscursiveanalytical techniques, including the most often used discursive historical analysis,
can provide very high level of internal valid{gee in Glossanfut hardly any external one. In other
words, we get a very detailed description of the framing processes of the media but we do not know
whether these cases were the exceptions or the typical techniques, i.e. we do not know how to
generalize our findings.

11¢ KS aA3INIyd / NRAAAX O6HAMTO

In thisbook (TheMigrant X = A themeighteen national case studies focused on the same issue and
used more or less identical time frame, i.e. the period of the heights ofrtiggation crisisn 2015.

The authorsof were encouraged to use any methodological techniquepitepare theircase studies

As far as the empirical design of the analysis was concerhedgesult(including the Hungarian one)
was ratherdisappointing mostly excerpts from a few articles, politicglegches mixed with basic
statistics and results from public opinion polis.cases there @are more serious attemto analyze

the prevalenceand content of the median a representative sampléhe data used anthe methods
applied were mostlyimpleones We identified seven case studies in which the author(s) made efforts
to do more systematic analysis of the media discourse and provided the Reademari¢hor less
proper documentatior:

8 Their efforts to come up with an approximately iderat number of articles in all countries, is however,
RSOoIFGIotST SaLISOALfte aAyOS GKSNE A& yRLIANEFRNND T ARKYS A
articles (p. 27).

° The additional small sample of the two main evening television progtarthe U.K. obviously does not
mend this neglect.

10 Just as was done earlier for Fundamental Rights Agency (2012).

n Erecting the wall on the HungarigBerbian border (13 July), the drowning of Alan Kurdi (3 September),
and the terror attack in Paris (13 November).

2 This pattern could be flexibly changed if the selection did not reach the expected 20 cases (se&footno
5).

B The German case study (Lichtenstein et al, 2017) used qualitative content analysis of the five most

prominent television political talk shows. They identified four framing elements: 1) problem definition; 2) the

7



TheAlbaniancase study (PasHdiemetz, 2017) took internal ahexternal validity(see in Glossary)
seriously byanalyzing327 articles, selected by one keyword (refugee) in three online sources (though

in fact 74% came from one source which has the largest audience). Developing the coding system, they
used the concpt of grounded theory, i.e. starting with some basic codes and after several iterations
built more and more complex coding trees.

The Greek case study (KaitatxVhitlock ¢ Kenterelidou, 2017) based its analysis ota@yer size

(N=994) of articles during KNES f 20 ftf& RSTAYS aONR&aAA LISNRA2RAE
sources. Since, however, the selection process and keyword(s?) were not described properly, it is
difficult to evaluate their research from a methodological point of view.

Thesample of theSerbiancase study (Jevtowiracki, 2017) was even bigger (N=3583) containing the
cover pages of the seven printed newspapers between 1 January 2015 and 30 June 2016 with the terms
refugee, asyim sekers, migration crisis, migran@ppearirg on the front page. In the course of the
analysis they covered not only the title but the subtitles, abstracts pictures and cartoons as well.

TheSpanishcase study (Perez, 2017) covered the period between September 2015 (the peak of the
Syrianmigrationcrisig and April 2016 (the visit of Pope Francis to the refugee camps in Greece) They

aSt SOGSR INIAOESa 627F | ye relidaddgBam adizEtabasd(PrackeSt | S @ 6
Newstand) which files a plain text copy of the articles publishe&lbMundoand 9 f . tBlit phay

considered the dataset too big and selected only 50 articles from each newspaper randomly for the
analysis. They coded some characteristics of the articles as well such as dateline (Paris, London, etc.),
their section (loch national or international news, etc.), genre (news, background analysis, editorials,

opinion columns, etc.).

TheSwisscase study (Bonfadelli, 2017) used as the basis of the analysis previous researches with the
coverage of immigration issues in radiad television programs from 2007. The data covered the
Spring 2015, and the selection of articles was restricted to news and political program if related to
Switzerland. The broadcast data was complemented by a quantitative analysis of press artighgs deal
with the refugee issuef the three most important newspapers in the German part of Switzerland.

The case study of thd.K.(Griessler, 2017) based its analysis oreatellentreport that covered the
national print editions ofall national UK publications (171,401 migration related articles from 19
newspapers)rom January 2006 to May 201®\llen, 2016) The report uses threetechniques a
frequency analysief migrationrelated wordsandarticles acollocational analysisee in Glossaryd
analyzehow strongly one word is linked with target word, and content analysis where certain
narratives (in this case EU/European and illegal immigration) were selected mabéslpite having
suchan excellent benchmark report, the paper in the book focuses only two newspapeenatae
only, and rather superficially, migration articles published in August and September 2015.

structural cause of the problem;)3he attribution of blame; and 4) the proposed solution in coding the
discussions.



1.2 The Special Issue of the Journal of in 2018 and Refijadies

One of the editors summarized the basicharacteristicsof the researchdesignsin a Table
(Triandafyllidou, 2018 p. 208) the Tablethe author compiled thegeneralfeatures of theten case
studieswhich shows a high variety of foci (the widest is the r@aar case study which covers the
refugee flow related discourse from Spring 2015 to earlyl&0the most focused is the
SerbianCroatianone covering one event for one month (September 2015)).

From methodological point of view, this collection of casalsta was different from the previous one

in two respects: (1) effort asmade to use more or less similar analytical techniques, and (2) the data
containednot onlyonlinenews but als@peciaimedia (weetsandblogg. But while some case studies
were ainng to produce results withigherexternal validity (Greek, Austrian), most of the other papers
maximized the internal validity but focused only on very special segments of the media (Polish,
Swedish, Serbian/Croatian, UK, German).

To introduce the Readavith some of the methodological solutions (both excellent and questionable)
the author(s) applied, we briefly summarize the most relevant features of the empirical analysis of the
case studies.

In theGreekcasestudy,the authors based their larggcale quantitative content analysis on the results

of a smakscale pilot study. The quantitative analysis focused on the

alR2ftAGAOAIYyaQ (GsSSGAa YR GKS LlzmfAaKSR | NIAOf Sa
populist rightwing Proto Thema, the highbrow conservative Kathimerini, and thenligfty Efimerida

G2y {eyidl 102y o6 ff Y6IEGA2y Lt ySgall LISNARO® X hdzNJ
F@FrAflrofS 2y (GKS 2ytAyS OSNEASES XONRYRADZ2Y GNBF dz
ONRaAazé aYAINIylGazé a9dz2NRPLISZ¢ aDNBSOSz¢ a{ OKSy 3
As to the selection of articles, they included articles (of all genres, i.e. editorials, columns, reports)

within the cdegory Politics. While the number of selected sources was smalbf#fidialin the sense

that it did not take into consideration the size of their audience), they set the starting and ending dates

of their analysis very narrowly (from January to Ma26i16) as well. Still their database that was large

(N=2,991 articles). They did content analysis using NVivo10 using the concepts that were identified in

the pilot study.

In a separate step they carried out critical discourse analysis (using the Deseébsiarical Approach

¢ see in Glossa)yon a databaseontaining all official tweets of two politicians: the Greek prime
minister, Alexis Tsipras and the president of the main opposition party, Kyriakos Mitsotakis. The time
span of this analysis was thamse as the previous. Their dataset contains 283 and 290 tweets,
respectively.

TheAustriancase studyfRheindorf and Wodak, 20183ed a very sophisticated method to analyze to

changing discourse in regard with border and border management. ddmegptializedthe linguistic

GSNY aRSolFGSe G2 YIS analysidfa dekerall raabansHitsidial Baging ¥ 2 NJ
defined beginning and ending of the discourse. They defined the new conceftzhe OF f f SR G RA & C
d0NY YRE 0 &S Sandlyed hé dsacairkeNi refugkeg IR Austrian media throughout 2015.

Their data contained a large corpus (N=6,701 texts) compiled from fifteen newspapers/magazines with

wide circulation (?). The ultimate focus of their research were two discourse straniising fence
64DNByYTTFdzyéo FyR aSddAay3a | YIFEAYdzZY fAYAG F2N



(overlapping) subcorpora contained 1,697 texts about building a border fence and 372 texts for setting
a maximum limit (between 4 April, 2015 and 24 Febyuzd, 2016).

ThePolishqualitative case study focused on the discourse of Agimig populism. In the course of the
NE&ASEFNODK (KS | dzii K26N3 @aSifl éNJI6SIR? LAMAIZK (il K/S YaSSsy GFNBR O 2 v i
in-depth (uncovering the strategies, especially to that gjumnentations) analysis. The author lucidly
RSaONAoSa G(GKS aiSOKyz2f23&é¢ KI | LILIX ASRY

G!' 4 FANRGZ GKS Fylfeara 2F G2LA0a Syo2yLl aasSa O
discourse (e.g., speeches, tweets). The reading results in the prodwita general list of themes for

each of the texts and, in a cumulative manner, for the entire discourse, thus forming an overall map of

its contents. The thematic analysis eventually also serves as the basis for later, argumeniatited

(i.e., topcs) analysis. There, the aim is to identify the key argumentative frames in the analyzed
discourse as those that structured key arguments and expressions. The analysis, thereby, points to

how the key themes (topics) were deployed in formation of differeNtBhdzY Sy G a X¢ o0 YNJ &0 |
2018&, pp. 8284)

The period the case study covers is only thirty days in 2015 (between 15 September and 15 October

15). The data contains the parliamentary speech of J. Kaczynski origieion crisi@nd immigration

inthePoh K {S2YZ GKS $6S0aArAidsS adzyYINE 2F (GKS aLISSOK
Twitter profile, some additional web material (?), and statements on the issue made by J. Kaczynski at

a preelection rally.

TheU.K.analysis had a similar siture to that of the Polish. The data covered three periods in 2015.

Ly SIFOK LISNA2R GKS Fdzik2NJ aSt SO S RistaieaNaSproach.Se S @S
The primarylevel texts (tweets) were retrieved for five political parties/polaics!* Thesetweets

were coded for relevancé&.he final number of cases was 180 tweets. The author applied a version of

the discoursehistoricalapproach(see in Glossary)

The focus of th&erbian and Croatianase was the reactions of public intellectu@sto the escalation

of the migration crisisin September 2015, i.e. when Hungary completed the fence on the Serbian
02NRSNE FyR (Kdza RAGSNIAY3 GKS Ft2¢g 2chvinbi®ydzaSSa
argues why he decided to build sl G F NR Y ltypeois@udzl R (1 SR ¢

LY 2NRSNJ G2 OFLIIdzZNE / N2FOGALY YR {SNDAlFLY AydStf
of wall building as a bordering practice in the context of the refugee crisis, | shall focus on a specific
genSY GKS 2LAYA2Y LASOS® ¢KS OK2A0S 2F F20daAaAiy3da 2
RA&O02dzNES A& Y2UAQFKGSR o0& GKS y2iA2ysX GKIFG GKS
of voices, discussion, and access, is often denfdite familiar characteristics of intellectual and expert
RAZAO02dzNEST X ¢KSNBT2NBX |t UK2dAK GKSANI LRaAGAZ2Y
been partly undermined by talk shows, blogs, and social media at large, editorials and opacies) pi

I maintain, remain a privileged site wherein certain representations (or truths) about society are

F NIAOdzZ F iSRET LINPY2(GUSRYI FYR fSIAGAYAT SRPE 6{ A OdzNB

14 Two from the Conservative Party (the then prime minister, David Cameron and the official account of
GKS t NAYS aAyArAaidSNRa hTFAOST laadthebficalYacciuit $f thHe LabcudzNI t | NJ
Party; and Nigel Farage, the then leader of UKIP and a Member of the European Parliament (MEP).
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The data consisted of a sample of political genres such as editoriaBjsppcommerdries, and

interviews, which were published from late August through September 2015. To ensure the balance
6AA0OHUVL YR NBLINBaSyidliA@dSySaa 2F (G(KS &l yYLX Sz (K
culturakpolitical leanings and which appealto a2 dza | dzZRA Sy O0Sa dé¢ GAO0AR LD cc
2LIAYA2Y LIASOSa 2yfteé pn ¢6SNB FAyltfte aStSOGSR ol 7
The very focuse@wedishqualitative analysis used material collected between 1 November and 15
December 15, 2015, when (1) the number of refugees arriving in Sweden rose sharply, resulting some
change of refugee and asylum policy, and (2) there were terrorist attacks in Paris (Nov 13T78@15).

analysis focused

God 2y (SacklPenjotrdtic Partfwitter discourse and examined, at first by means of topic
2NASYGSR Fylrftearas GKS 20SNrftt RS@St2LISyd 27F 0
political discourse in the studied ped of 6 weeks. On the other hand, a closer look is also taken on

SAP social media discourse of one selected day, Nov 24, 2015, when the party announced the
tightening of asylunseeker regulations. Within that second step of analysis, the focus is on Hmy po

and related political action is discursively legitimized by the SAP as a political actor behind the policy
changes. The focus is on how social phenomenaour case those related to immigration and
ALISOATAOLN £ f & tink SonstridiBofadmEpEeSent€iiNidgdstically, in this case in political
discourse. This allows seeing discourse as a carrier of different forms of legitimation of discursively
O2yaiNHzZOGSR F2N¥ya 2F LRtAGAOI bptoRSyGAdGe yR | ISy

TheGermananahl A & F20dzaSR 2y af SIFIRAYy3IE DSNXYIY ySgalLl L
2LIAYA2Y fSIFRSNAX &l 3SYyRIF 602N GNBYRO aSGGSNERE F2N
of their analysis was a whole year (between March 2015 and 20h&y. were

GXF LILX @Ay 3 ONAGAOIE RA&AO2dzNAS Fylfeaia 6/5!0 X |2
YR @AadzZfa Ay gleéa 2F 02YYdzyAOlFIGdA2y YR (GKS YSR
content, expressed in textual form but to includeKS @A adzZf RAYSyaizyxz2$§ d
visualizations, which had an impact on the public discourse. As we will show in the exemplary case of

the image of the dead body of Aylan Kurdi, images have the capacity to shift the focus in discourses
andpossi@ f SFR (G2 F &aKAFTOG 2F FTNIYAyAWE o0x2ff YSNI I YR

1.3The basicharacteristicsof the research design

Since our aim was to reach the highest possible level of external vdlidithe retaining the possible
highest level of internlavalidity as welljhe first priority was tadefine thelimits of oursamplingdesign
and within it tomaximizecoverage As to the limits of our targeting strategy, we sampled anine
sources and ignoref) the printed editionsof the same media anthe weekly or monthlynagazines,
(2)the TV and the radiq3) the social medigaand (4) all forms of the local media.

In the following ve briefly summarize the main characteristics of satectedsourcesof our analysis.
We selected ten sources to represent the Hungamatine mediataking into consideration three
dimensions

(1) the type of sourceofilineversion of printed newspaper versoslinesite),
(2) the size of thenlineaudience and
(3) their relation to thke government (governmeatandnon-governmenta) as well agamong thenon-

governmentakource$ their political attitude Kight-wing/radical versus moderate/lefving).

11



CA3IdNBE m &dKz2¢ga (GKS SadAYFGSR &A1l S 27 fivediRuwr Sy O
selected sources are among those with the largest audience (red bars).

1. FigureThe estimated size of the audience of theine media, multiple response (%)

index.hu 40%
origo.hu 38%
24.hu
hvg.hu 30%
rtiklub.hu 27%
444 .hu 27%
blikk.hu 19%
hirtv.hu 18%
tv2.hu 17%
atv.hu - 17%
hirado.hu 14%
168ora.hu 11%
portfolio.hu 9%
atlatszo.hu 9%
hiG§KSNJI NBIA2y Il f 2NJow20Ff ySgalLld LIS
borsonline.hu 9%
ripost.hu 7%
888.hu 7%
mno.hug¢ Magyar Nemzet online 7%
CNN.com 6%

Source: 23yt NE HAMYy

As to their relation to theggovernment and political attitude, we have to explain briefly (1) why do we
consider the first dimension as a high priority one, and (2) why do we classify only the non
governmental media according their political attitude.

The reason why the distinctiorebween governmental and negovernmental source has the highest
priority is that over the past years, the governmergached hegemaio positionin the media through

a wide range of mearsuch as(1)initiation restrictive media laws, (2¢structuring te public service
mediato make sure that it actasa government mouthpiece(3) through lbiy-outs and takeovers
createda situation wherebymost of the mainstream media are in the hands of government allies

15 The proportion of the population used the source last week

12



(Mertek, 2017) (4) withthe strategic placing aftate advertisingnade sure thathe pro-government
media are flourishing, while media that are critical of the governmemiggile to survive

As to the relevance of the political attitudes of ngovernmental sources, though they differ from
each otheralong a traditional right/left dimension but their attitude towards the discourse on
migration crisig€ould bestrongly influencedby other consideration such as (1) the composition of their
potential voters (e.g. the strong xenophobic attitude of Joblitexs is likely to has an impacton the
operation of alfahir.hu), (2) their marketing strategy (e.g. atv.hu isatiéne addition of a televison
channel), etc.

The five media with large audience consists unsurprisirtglyy (have to reach large audiende
maximize their profitfour nongovernmental mediand one governmentalsource(origo.hu) which
used tobe also forprofit beforeits nationalization(see Chapter B.1 and Appendix 4)Lhe other five
sources consist of three righiting andtwo leftist online mediaoutlets with a smaller but very active
audience (alfahir.hu, pestisractki, magyaridok.hu and nepszava,land nepszabadsag.hit® The
last medium, howeverdoes not exist anywre butused to have thdargest audienceduring most of
the time of our research (unt@ October2016whenit wasforced togo out of businegs

Figure 2 shows the typolggf the sources we will use as a standarthi course of analysi©n the

left side there are the three governmental sources (otigp magyaridokhu and pestisracoku) and

one rightwing norrgovernmental site (alfahinu). On the right side the negovernmental sources

O0GKS FTANBG F2dz2NJ 2F GKSY KIFI@Ay3a KAIK NrylAy3d G fd
leftist ones?’

2.FigureThe proportion ofarticles published ithe ten selected sources (%)

25 22
20
15
10
10 9 . 8 9 9 9 9 8
0
& ™ ™ Q >
keoo (,O\{_ S\%(\\ & O\l_ ) 6Q,+ VvV Vb‘ ,5\. . ’§® (\O
e > & N 3
& & &
N <&

Thereason to construct this oversimplified dichotomous typology was that we wanted to focus on the
MPB, and assumed that from this point of view governmental and -sghg norrgovernmental
sources will show similar behavib.

16 Table A1.1.1. in Appendix 1.1 summarizes the geneeahckeristics of the selected sources.

o The dark grey color of Nol indicates that since this media does not exist anymore, we used its archive
only.

18 Obviously in the future other typologies of the sources might be much better as will be illustratesl at

end of Chapter 2.2 where we used a pairwise comparative analysis. Moreover, the size of the sample is large
enough to analyze all sources separately as well.
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Since we wantedo describe themain characteristicof the media discourse in Hungary during the
migration crisisve had to define the starting and (if there was) the ending dates ofithe-spanof
the migration crisis

As to the former, westarted our analysi®on 1 Januar2015. Not because it was the beging of the

calendar year but because accordingioKk S NB adzf Ga 27T hiMes€ng,i268) theli dzR& 6
Hungarian Prime Ministegave several interviewbetween January? and 11by whichtime the

discourse orthe migration crisishadstarted.!® Moreover,we assumed that theseof this occasion as

the first pressing of théPBwas a reaction on behalf the governmetotincrease theipopularity

whichhas been rapidly decreasing siflate 2014 (Sik, 20 BarlaiSik, 20%).

The latter decision, i.e. how longhould the researchperiod last has been derived fronour
assumption thatMPBis a longterm form of manipulation consequently the discourse omigration
crisisdid not endwith the disappearance akfugees Snce ®veral qualitative studies illustrated the
pressing of theMPBbetween 2015 and 2018, we decidexlextend our research perio cover the
Parliamentary electioof 20182°

Finally,within this timesspanwe had to define shorter periodahich ¢ according to the available
gualitative observationg could beidentified as separaténstances opressngsof the MPBwithin the
time-span(Table 1)Theidea wago setthe exact date of campaign eveswn the basis of identifying
their (1) starting and the (2) culminatingoints when theMPBwasinitiated andpressed The general
idea was tostart the scrapingseeon the termGlossary on the technique and results Appendix 1.1
of the relevant articles some timaeforeand finishsometime after the culmination point

1. TableThe focused observation periods
7 January | 15 April 11 28 March| 10 17 January 201 March
4 February c 31 September |- 1 Jung Novemberc | ¢ 20| ¢ 15 April
2015 November 9 October 2017 8 Decembe( February |2018
(4 weeks) | 2015 2016 (cca. 9 2017 2018 (cca. 6
(cca. 30 (4 weeks) |weeks) | (4 weeks) (ccai( 5 weeks)
weeks) weeks)
h NDt y|The peakThe National | Natioral ¢ KS ( Parliament
first anti-| period of|relocation |consultat|consultation|{ 2 NB &a|ary
migration |the AZ2Y campaign | election
19 R Following the terrorist attacks againSharlie Hebd@n January 11, 2015 the Hungarian Prime Minister
SELINB&aaSR KAa AYUSNIINBGFGA2y 2F GKS S@Syia Ay GKS T2f¢
it had any use, because it only brings trouble and threats to European people. . . . Theirfoigration must
be stopped. . . . We will not allow it, at least as long as | am prime minister and as long as this government is in

L2 oSN o0dal dzy3l NBE t a hé)Bdcofding tb Bessewly andi Nagy>(2016) iNihediatety a

number of politi@l and communication tools were applied to reinforce this message. (Desdé&agly, 2016)

20 To illustrate the message of the various pressings of the MPB between 2015 and 2018 we selected
representative pictures that was created by the framing expermmamipulate the population (Appendix 3): No.1

onnk GA2y L+ O2yadzZ GFGA2y 2y GSNNRBNARAY YR AYYAINIGAZ2YySZ
. NHzaaStaé> b2 nd &N Ganpdigd ahdS ParlBmentary gecti®nce tifeih there hay

been several occasions in which we could again and again identify the various new versions of the previous
propaganda oeuvre (e.g. anti UN migration regulation), the newest being abntampaign (See the picture

No 6. in Appendix 3).
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statement | migration |quota Brussels!| (& { 2 N2 (and anti-
21 crisig? referendum | € LI hy € UN
including a campaign)
national
consultati
on on
terrorism
and
immigratio
n
The 9 January 24 26 14 17 mid-March
starting February® | Marct?* | September | January®
The 11-18 5 May 2 October | April October 4-10 8 April
culminati | January May 2017 February
on 2017

To find thearticlesthat were likely to contain relevant information in relation with thegration crisis

we defined fourkeywords(a YSyY S1 Nf X¢ o0 S @t y R2 NXfandsdldetdNattiies b o S
that contained at least one of these keywords. The keywords were constraot&tentify the core

part of the Hungarian equivalents of the following terms: refugee, immigrant, migrant and relocation.

In the course of identifying keyword some words werstemmed.These selections wordbat were

needed stemming wamade manually ad later was validated in theentire corpus. To avoid false

positive matches, words with lower than five characters were forced to match ex&oityer words

were allowed to have affixes and suffixé¢For more detail see Appendi.2 and A.3.)

2 See footnotel?7.

22 This period actually covers several acute crisis periods, see details in Appendix 2.

23 The date when the government expressed its intention of having a referendum. The campaign itself
started in July.

24 The questionnaires were posted since 31 Marthis period overlaps with the first phase of the anti
CEU and anfNGO campaigns.

25 This campaign had another peak during the next period (Parliamentary election), and continued beyond

the time-span of our research until June 2018, when two new-AI@D laws (on foreigifiunded organizations
FYR 2y a2NBIFYATFdGA2ya FARAY3I YAINIXrdGA2yé0o 6SNB LI aasSR
26 Case differences were ignored.
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Chapter 2Thepoliticization of migration crisisin contemporary Hungary

Thefollowing analysiss based on a corpus of media artickesapedoetween January 2015 and April
2018 In the following, we intend to introduce the Read#rthe results ofa desciptive analysis of
prevalenceand some aspects of the content of the politicization process.

2.1 Prevalenceof the relevant articles

We analysed the prevalence of relevant articles in two dimensions:djpa@ and source, i.e. we were
interested whetherthere are significant differences along the tirapan and the among the different
types of sources focusing on the migration crisis.

Thee arethree aggregatedapproaches we use tanalyzethe trend of prevalence

- Thefirst level of aggregation is when we contpd the weekly average of articles publish
(the number of selected weeks wa$ Gee Figure 3) It does not have any theoretical
relevance busmooths out the dailyoscillation of the dat&’

- Thesecond variableperiod, N=29 see Figure Ysplitsthe researctperiod into shorerand
more or lessequaly longperiods.The allocation of the observations follows the logic of
the MPB therefore, we consider this proxy as eventspecifictype ofperiodization

- Finally, we split theesearch periodnto ten units (deciles)containing equal number of
observations(peride¢ N=1Q. This proxy is not sensitive to concretvents of the
migration crisidut offersa generaldesign to trend analysis.

The most detailedtrend of prevalence can be seen kigure3 where we aggregated the data on a
weekly basis

2 The lowest daily number of articles (12/day) was on April 18 2015. The peak season (fourteen days with
at least 300 articles/day) was between August 31 and September 25 2015 (with the highest value (393/day) on
September 1 2015), when large masses of asylum seekers were marching through Hungary (see the daily
numbers of border crossings in Appendix 2 FigA?e? and the evenhistory in Table A2.1).
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3. FigureThe weekly number of articles (N=835})*

2500
Aug 27Sept 23
2000
Sept 11
Oct 9
1500 2016
1000
500 M \/\\f\/\/
0

1 3 5 7 9 11131517 1921232527 29 31 333537 39 41 43 45 47 49 51 53 55 57 59 61 63 65

*Numbers on the horizontal axis indicate the number of week betwééanuary 2015 an#l4 April
2018.The red lines indicate a split of the timeline (between weeks 38/39, 42/43, 51/52 and 5B156).
somecases(due to he split of the timelinei.e. not toaggregate days fronmather month and at the
end of the timespan)the number of days per weedlightly deviate fronseven weeks 37, 50, 59 and
65 contain 5, 9, 6 and 9 days, respectively.

The first salience dhe refugee discourse occurred during ttime when masses of refugees stayed
temporarilyin Hungary Appendix 2 Figure A2.anhd when the Hungarian/Serbian border was sealed
(and initiated violence at the border, see Appendix 2 T#24, Figure A2.2 The second salience
occurred almost gear later whentiere was hardly any refugee invasion anym(see the last row of
Table A2.2 in Appendix 2) but the relocation quota debate stilsaging Table 1)

As to the evenspecific prevalence of the articles (Figure 4), the trend is unsimgfiy the same as
wasthe weekly distribution (Figure 3). &lfirst conclusion, however, should be not the evspecific
increases but the fact that while the number of refugees became minimal after October 2015, the
number of refugee related articlemimost never has fallen below a thousand cases per period, and
between the sharpricreasing period there were long period of stability of the presence of the
discourse.
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4. FigureThe number of articles by evespecific periodgN=48B75)*
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*The red lines indicate splits of the timeline

We identified the following eriods in which, empared to the preceding and following perigdsere
were smaller or bigger (milder or steeper) saliences:

in 2015

- January The morehan 1000 articles is likely associated with the first pressing oMR&

(thepostt S6R2 hNbty &aLISSOKuLX 4SS Ffaz2z GKS t NBO2
- May: The time of national consution on terrorism and immigration.
- second part of Jundhe ongoingantA YYA INI GA2Yy GAYTF2NXI GA2YyéE O
- between early August to early Octobdhed | Audtumre of the migration crisis

in 2016 from midSeptember to early @ober: Thecampaign in relation to the quota referendum.
in 2017 from mieNovember to early Decemb¥r ¢ KS y I GA 2yt O2yadzZ Gl GA2Y

This result is validated bBalogh et al (2016)who used slightly different keywords (migrant,
immigrant, refuged and coverd a partially overlapping periodOctober 12014 to June 11 2016
N=42845) The dataFigure5) showsii K Imigration crisis NI drticlés@veéRe almost nonexistent
before 2015¢ despite the fact that in late 2014 the number of refugekas started to increase
(Appendix 2 Figure A2.83Thefirst, though relatively small raise of the numberaticlesoccurred

after the first pressing of theVIPB (Janary 2015).The salience ofmass migration related topic
occurred at the same time as our model (betweenhe end of August to mibeptember 201p After
October 2015 the number of articles has dropped somewhat but remained constantly on the level of
just preceding the peak period and started to raise again in June 20&6result of thdirst stage of
campaign (see footnot23) of the relocation quota referendum

28 This was due to the temporary salience of illegal migration from Kosovo to Austria and Germany

(Appendix 2, Table A2.1 and Figure A2.3).
18



5. FigureWeekly frequency of migratierelated articles between 1 October 2014 and 8 June 2016
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Notes:x-axis indicates the first day of the week. Key events: (1) 7 June 2015: Fence along the Serbian
border announced. (2) 27 August 2015: Dead migrants faurdtruck; 29 August 2015: Preliminary
fence at the Serbian border ready; 4 September 2015: Migrants start to walk to Vienna; 16 September
Ot | BX7 Juna 20K6: RaiaimanOvdteslod terat; B31JUnS ®
2016: Parliamet votes on new refugee law.

HaMmpY wSTdAaASSa

Sourcé&
average (red line) = 486.

The salience of thenigration crisigelated articles in early AuguSteptember2015isvalidatedalso by
the cumulativerend in Figures which shows an inflection point of the prevalence of the terms refugee
and immigrant in this perio(Boda-Fokaszno date).?®

23yt NJ S iihe bakis of Precogdou daghifoard, number of weeks = 88; weekly

2 This database consists of 2236 articles related to refugee/migrant topics published in the electronic

BSNBRAZ2Y 2F (o2

| dzy 3F NAFY RFEAEtASAY

al 38l NJ bSYT Si
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6. FigureThe cumulative trend of the terms refugee ainaimigrant in 2015
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Source: Bodr-Fokasz, no date

The analysis of two TV channels (the governrabdTV1 and thenon-governmentalRTK) showed
(Szabolcsi 2017) thahé topic of migratiorwashighin 2015/2016 ut only onMTV1

oOnly some special eventsiich as the Euro Football Cup or the Oscar Gala, interrupted the lengthy
coverage of migration. These events grabbed public awareness and dominated the news agenda in
early February, June and miugust2016 The length of migratiomelated newswas significantly
KAIKSNI 2y b2@SYOSNI MTZ HampI Wdz & Hp YR hOG206SN
as terrorist attacks or thquotareferendum increasg news coerage.. RTKnews, on the other hand

seems to show the inverse of the tendency in the presentation of migragtated topics.
Presentations on migration are rather short, unless news on legislative changes, international events,
war or terrorist attacks increase the length of presentato X In 2016 the length of these topics
significantly dropped or, in many instances, completely disappeared. By the end of the examined
period in August 2016, migratienelated topics also increased in RTLK news due to the upcoming quota
referendum. Howver, the length of these news bloakss still significantly lower than in MTV1 news.
(Szabolcsi 2017 86)

To sum upmigration crisiselated news have the largest prevalencehia news oriented worldvhere
non-governmental media dominateth Hungaryhowever, due to theepeated pressing ofthe MPB

the prevalence of the migration issues remained high. In other wondsle the high level of
prevalence during the peak of tmaigration crisi®f 2015 can be considered as the normal reaction of

a newsoriented media, the high level of prevalence (especially in governmental sources and with
higherthan-average level of negative sentiment) without anyigrationrelated event occurring
(exceptthoseartificially created by the government),assign ofthe operation ofthe MPB.
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2.2 Labelling
The first¢ though (since thepropagandamay intentionally conceal its underlying messagégn
unrecognizable; component ofevery framing effortis the term the article uses tlabelthe people

crossing the border As Figure 7 shows the dominant term was W& y S {réfuigdk), followed by
Y A 3 Ninigrant) andd S @t y RnhNdrakiod).

7. FigureThe prevalenceof the labels (%n the articles, N45879
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If, however we aggregate the labetslated tothe term refugee and those of (im)migratinhwe find
that ¢ if we assume that the overlapping among the items do not differ significattily aggregation
of (im)migration is larger than that of refugee.

If we focus o the general trend of the labelsha lifecycle of themost often used fivelabelsshows
significantchange¥' (Figure 8. The ternrefugeedominated the scene in 2015 and 2016wss losing
strength by 2018Themost salient period of this terrvas the culmination of themigration crisign
September 2015.

30 wSTdzaSs aegadsy OYSYSTNftGNI&A NBy R & Tu§ebbdisis | & & f dzY
OYSYSINfG@ttat3ao YR AYYAINIYG 00S@tYyR2NIs0ZX YAINF GA2
st Since due to the size of the sample almost all statistical analysis was significant on level p=0.0000, we

omit to refer to them.
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8. FigureTheprevalenceof the five mostoften used labels by periodieciles(%)
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The various versions aifigrationhave different lifecycles:

- the prevalence ofmigrantincreases fast in the beginning but stay unchanged until 2018
when it becomes more prevalent,

- the termsimmigration and immigrant have Ushape trend and in 2017 theirgvalence
start increasing

- the termmigrationshows a steady increasing trend during the entire period.

The aggregated resulif these changewas thatby the end of the period the prevalenad all four
terms ofmigrationexceededhe prevalence ofhe term refugee.

If we shift our focus from the general toward a more evspécific trend, we get somewhatdeeper
understanding of the association between event and labelling (Figjure

9. FigureTheprevalenceof the most often usedive labels by evenspecificperiod (%)

90

80

70

60

50

40

30 — =

20

10

0
N < 1D © ©O I I 00 0 O O O O O O + 4 + 00 O ¥ U IO N d N MO M <
O O O O O 0O O O 0O 0O 0O 9O d dddd d 0 d 0 O O 4 0O O O O o
LeeLeLeLeeeeeeddddddodooedeooeL
M O o .0 O . d 1 d O O O O O O O O O O 0 O W oM~ d oo v dJ<
@ g @ @ Q@@ dqod oM ad o e dd o d
T N © O N~ 00 0 0 0O 0 OO0 O O «+d +H 0 0 MWwLuwn A d N M M <
O O O O O O O 0 0 0 9090 dd d d d d O O O O O 4 0 O O O O
s e e e s e e e e e e e T s e > s s e e |
~ © o 1 © d © d © d A A A A A A A A " 1 0 «d © O N~ d d O
O 1 O O 1 O 4 O 1 O 4 N O 4 N M N A NN O +d 4 4 O O +H O

2015 2016 2017 2018
= Refugee == Migrant Immigration Immigrant e Migration

Before reaching its peak, therm refugeelost its strengthtwice, first betweenMay and early June
2015 (i.e. during the first national consultation), secondly in July. Later on thera diap afterthe
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peak in last two weeks of September 2015 (when the border between Hungary and Serbia was closed).
The major decrease of the strength of the terefugeewas inmid-September 2016 andontinued

until early 2017(the quota referendum and gt aftermathj. Finally- in the beginning of 2018during

the anttUN, antiCEU campaigh

The first loss of the termefugeein 20150ccurredwith asharpincrease of theorevalenceof the terms
immigration and immigrant simultaneouslyWhen the second loss of the termefugee(in July 2015)
has occurred the migration term has decreased as well. While in 2016 and 2@h7igration
immigrant and migration started to replace the term refugedhe term migrant has increased
significantly.

Thefactthat by theend of the period various forms migrationreplacedrefugeecan be interpreted
asthe resultof the operation of theMPB i.e.while there were masses of refugees (and migrants and
asylum seekers) marching through Hungary the media usederm which seemed to fit best tabel

the mixed population of foreigners. After this short period, however, the term migration became more
popular in theincreasinglygovernment dominated media

According to theMPBapproachwe assumd that compaed to the non-governmentalsources the
state controlled ones (sefeigure 2 are more likely to use the term migration than the term refugee.

10. FigureTheprevalence othe most often usedabelsby sourceg%)
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Comparing the two groups of sources by fhrevalenceof using the various label§igure 10)we
concludel that the term refugeewas indeed significantly less used governmentalthan in non-
governmentalsources, and the oppositeas true to all four vesions of the termmigrant. Three
governmentakources (pestisracadhku, magyaridokhuand alfahirhu) usedthe termsmigrant as often
as the ternrefugee and in the latter the term immigration was also relatively frequently usedong
the non-governmentakources, indexu, 24huand 44.huwere less, athu> Yy S LAa dnd ndlhu
werea little bitmore likely to use the terrmigrant

To analyzé¢he use of the wo most often use labels by sources during the tispan of the research,
we lected pairs of sourceglatively similar as far as their typenlineversion of printed newspaper
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versusonline site) and the size of thie audience were concerned but differed in their relation to the
government and political attitudes.

First we compeed a governmental and a negpvermentalonline website having large audience
(Figure 11).

11. FigureThe prevalence of the labelsfugeeandmigrantin index.hu and origo.hu by period deciles
(%)
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In case of the noigovernmental source (index.hu) a bell curve fits to thugeeand (following a
sharp rise after the first period) there is not much change of using the teignant. The prevalence
of the former always exceeds the latter. As to origo(ivhich became governmental source sometime
in 2016 (see Appendix 3)) the general trend of using the tefugeeis a bell curve as well but with a
fast drop in 2016, and the termmigrantis characterized by a rising trend which became fast in 2017.

Compring the online version of a governmentalmagyaridok.hu)and a norgovernmental
(nepsava.hu)daily (Figure 12), we find thait case of the governmental source the decreasing trend
of usingthe termrefugeeand theoppositetrend of using the termmigrant explains whyby the mid
period deciles the latter reached the prevalence of the forntier2018 the opposite trends became
even sharper resulting an increasing gap usingiigrantmore frequently than the termmefugee
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12. FigureThe prevalence of the labetefugeeand migrant in nepszava.hu and magyaridok.hu by
period deciles (%)
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Comparing three nogovernmental sources with liberéd44.hu), pregovernmental (pestisracok.hu)
and radical ight-wing (alfahir.hu) attitudes (Figure 13), we fimdore similarities than differenceés
to 444.hu, here is a combination o bell curve fefugeg andan increase ihigrant) trend which
resulted equalfrequencyof the two termsby the end of the timespan(while using the term migrant
remaired below the level of the two rightving sourcep

13. FigureThe prevalence of the labelefugeeand migrantin 444.hu, pestisracok.hu and alfahir.hu
by period deciles (%)
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The pregovermental and radical riglwingsources have more or less identical use of the texfugee
(though while pestisracoliu follows the familiar bell curvealfahir.hu shows alecreasing linear
trend), and the prevalence of using the temigrantis completely similar in the two sources.

Finally, we compared the prevalence of using the teuota (Figure 14) in case of all sources. The
result is a strikingly similar trend in almost all cases. There is a mild increase in the fourth decile which
disgpears by the sixth decile followed by a significantly faster increase in decile @hwimg the
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campaigns preceding and following the referendum on the relocation quota, see Tadbid &h)slow
decrease after then.

14. FigureThe prevalence of the labgliotaby sources and period deciles (%)

60
50
40
30
20
10
0
© [e¢] (o2} (2] o — (o2} Lo AN <
= e e e o o 4 e e e
le} - - © N~ ()] Lo (o] — o
- Q Q@ - Q@ Q o - < <
- (] [0} (o] (o2} o — (o] 1] N
o o o o o - - o o o
= ) N N = D 3 © = N
o i o o — o — N i i
2015 2016 2016/17  2017/18 2018
e OliJO e pestisracok: alfahir magyaridok
e index — )4 — 444 atv
= nepszava nol

The two outliers differ from this general tend onlsming a faster increase in decile seweich lasted
in case of nol.hlonger (and remained unfinished due to its closing down)

2.3 Actors

By analyzing therevalenceof and the context in whichhe actors appear in the media can be
consdered as the first levalnalysiof the roke a persorhas (or morepreciselyas it 58 mirrored in the
media) in the politicization process of tingigration crisisin the dataset we have a largeimber of
actors identified individually® Figure B contains the most often mentioned actors.

82 Appendix 1, section Alshowsthose whoappear in at least 2% of the articles.
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15. FigureThemost often mentioned actorS (% proportion of articles mentioning the actor)
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As to theprevalence2 T h ND t Yy by solceFRWNE A, we bund that their presencein
governmentaknd non-governmentalsource is different.

17. FigureThe proportion of articles mentioningNJD land Soros by sourc@o)
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Soros was more visible in tlgovernmentalmedia (except in alfahir) than in theon-governmental

sources*¢ KS OFasS 2F hNDbty ySSRa wadaNdighr 1k thayl exfra® 8 A a8 0 S
group deviationin both the governmentaland among thenon-governmentalgroups In average

however, Orban is likely to be mentioned more often in then-governmentalthan in the
governmentaimedia

34 The extremely low visibility in nol.hu is due to the fact that this newspaper was closed before the Soros
campaig entered into full force.
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2.4 Organizations anddcations

The three dominant types of organizations in the corpus were Hungarian media organizations, political
parties and international organizations. Figu&cbntains the most often mentioned organizatiotis.

18. Figure The mat often mentioned organizations (% proportion of articles mentioning the
organization)
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MTI is the Hungarian news agency, Fidesz is the governing political party, Brussels is thegraeudo
of the EU, Jobbik was (at least at the beginning of the-tpeen) a radical rightving opposition party,
Schengen is the pseuderm of the Treaty, M1 is the government controlled Hungarian television
channel, MSZP is the Hungarian Socialist Party.

As a first step towardsralyzing the locations mentioned in the coagpFgure 19 contains the most
often mentioned locationsg®

35 Appendix 1 section A1.3 contains those organizations which appear at least once in more than 3% of the

articles.
36 Appendix 1 section Al.3 contains those locations which appear at least once in more than 4% of the

articles.
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19. FigureThe most often mentioned locations (% proportion of articles mentioning the location)
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The most often mentioned locations outline the madirections of the Balkan routef the migration
crisis®

2.5 Sentiments

In the future he addition of sentimentsvill make the content analysis muchore robust since we
would be able to differentiate between cases when an actor, an organization or #olocsireferred

in the media positively or negativelg.g.whetherh Nb + y 0 2 Ndhefo2dd@daulprittAAd this
stage we only introduce the Reader to the most often used positive and negative sentiments in the
selected articlegFigure20).%

87 The presence of the USA can be explained on the hand by its-wimtidinfluence, on the other hand
because our dataset contains migration related news which are unrelated to the Hungarian processes.
38 Appendix 1 section A1.3 contains thasmntiments which were mentioned at least 3% in the articles.
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20. FigureThe most often mentioned five positive and negative sentiments (% propoofi@anticles
mentioning thesentimen)
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The trend of positive sentimentdoesnot showsignificantchanges (Fige 21) their general shape is
a mild Ucurvewhich suggests that during thpeak of themigration crisigositive sentiments have
somewhat- andtemporarily - lost theirprevalence

21 FigureThe positive sentimentby period (%, the proportion of articles having the sentiment
mentioned)

PRREEN
o

/
*w
|

O (e} (2] (o2} o — (2] o N <
o o o o — - o o o o
~ ~ ~ ~ -~ e ~ ~ ~ ~
Lo - - © N~ (o2} L0 © — (e}
rl| OI o i o o C}I — - o
- (o] o (o2} (o] o — (2] Lo AN
o o o o o - - o o o
=~ ~ =~ -~ -~ -~ e ~ -~ -~
— © N ~ S o N~

o — o o — o — N — —l

2015 2016 = 2016/17 2017/18 2018
Good Important e \Nell Free e Successful

As tothe trend ofnegative sentimentsHigure22), the only one with significantly changipgevalence
is theterm illegal This term has beefrequently used during thepeak of themigration crisiof 2015
and after 2017 becamine epitheton ornans of the terrmigrantandthereforean oftusedmetaphor
of MBP.
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22. FigureThe negative sentimentby period (%, the proportion of articles having the sentiment
mentioned)
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Though it gives onlyraimprecise pictur, positive sentiments (with somexception such as atw
and 24hu) are more frequent in theon-governmentakources than in thgovernmentabnes(Figure
23).

23. FigureThe positive sentiments by sourc#,(the proportion of articles having the sentiment
mentioned)
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As to negative sentiments (Figu2d), the term illegal is used more often in tigevernmentaimedia
than in the non-governmentalones (except athu and nepszavdu) ¢ again a possible sign of the
operation of theMPB- but there is not much difference between the two groups in regard with the
prevalenceof the other negative sentiments

39 While a xenophobe regulation can be judggabdin the governmental media and a civic action against

isbad,in the nongovernmental media the exact opposite might occur.

32



24. FigureThe negative sentiments by sourc#,the proportion of articles having the sentiment
mentioned)
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2.6 Some peliminary tests of the MPB

The following wo exercisegjo beyond the previous general description one sense: they give more
in-depth knowledge concerningur MPBrelated hypotheses. In the course of thesgperimentswe
re-arranged the dataset into focused sgsamples and in this way created quaskperimental desings
to check whether the differeces (if any) would fall into the directi@xpectedon the basis othe MPB
approach

2.6.1 Thecase of Origo

The case of Origaan be considered as a natural experimésge Glossaryyince whileduring the
beginning of thaime-spanthis website(origo.hu) was anon-governmentakource by the end of the
time-span itbecamea state controlledone.*®

We assume that as the ownership of Origgis moved froomon-governmental(i.e. marketoriented
consequently newsriented) towards statecontrolled owners(who based their profit on state
allocatedpropaganda funding), seadthe contentof the articles changed into more and more serving
the manipulative purposes of tHdPB

The analysis of labelling shows seexpected changes very clearly (FigRse

40 A brief summary othis history between 2015 and early 2018 can be read in Appendix 4.
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25. FigureTheprevalenceof labels in the three selected period$ Origo(percentage of articles the

label was used)
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As expected, Here was a significardecrease ofusing refugee,asylumseeker, refugee crisisnd
refugee gstem and an increasing use ofigrant and migrationand less visibly timmigration

Using thetrend of the two mostprevalentlabels in the entire corpus as a benchmark (Figure 26), we
can see the impact of origo.hu becoming a governmental propagandiae, i.e. there was a general
decline of using the termefugeebut in case of origo.hu this was significantlyosger than in the
corpus. Therend of usng the term migrant alsofits to our expectations: compared to the general
trend (a mildncrease) origo.hu started to use this term significantly more often after being subservient
to MPB.

26. FigureThe prevalence akefugeeand migrantlabels in the three selected periods of Origo and of
all articles(percentage barticles the label was used)
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“1 The total number of articles was 4069, and in 2015, 2016/7 and 2018 were 2022, 792, and 1455, respectively.
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Since we did not use a sophisticated classification of positive and negative sentiments, we did not raise
any assumption and were only interested to sethére wereany changes in the course of the shift of
Origo from inépendence to subserviency (Fig@d.

27. FigureTheprevalenceof positive and negative sentiments in the three selected permfddrigo
(percentage of articles theentimentswere used)
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The only significant change occurred in the ustheftermillegal and only in the lagieriod. This trend
deviates from the general trend (Figure 22) where the peak of using the term illegal was in the
beginning of the timespan.Thisdeviation from the general trenchowever, fits very well to th1PB
concept since thisvas the period whenthe Patiamentary election campaign focused diegal
migrants (brought by Soros in collaboration of civil organizations, the EU and the Udl Europe)
heavily.

Last but not least, we assumed that pressingMi@Bwould result in case of both two main actdcs
become more prominent (Figui2s).
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28. FigureThe prevalenceof the two main actors in the three selected perioofsOrigoand of all
articles(percentage of articles thactorsappeared
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Contrary to our expectatiofand the trend in the corpus) KS LINBaSy O0S 2F hNbty KI
exactly as was assumed the visibility of Soros féatig earlier than in the corpu#creased. While

the explanation of the former needs further and morareful analysis, the latter case is clear since

Soros was the main scapegoat of migration related threats against Hungary and Europe (and the
World).

2.6.2 Thepre- and postfenceexperience

Thesecond example isased on the fact that during thiéme-span of the researclwo significanty
different periods can be defined: the olefore andthe oneafter the buildingof the fence(September
2015) The explanation is that while in the pfence periodthere were large numbersf refugees in
Hungary and theyby the thenrexisting more independerdources were made visiblefor the publig
in the postfence period neither refugees not equally strong rgowvernmental media existed
anymore In other words in the prefence period(1) because of the visibility of refugedBoda
Simonovits, 2016and (2) because of the existence of more polemic and informative media, the
operation of theMPBwas somewhat tempered but these balancing effect disappearedvére
significantly weaker) in the postfence period*> Consequently we assume that thepreviously
identifiedsigns of theeffectof the MPBwill be more visible in the latter period compared to tteemer
one. Toillustrate the relevance ahese assumptions, we defined two periodstearly one(between
7 January 2015 to 16 September 20¥bindicating thefirst four decile9, and alate one(after 2016
7-indicating the last four deciles

In the next two figuregFigure29 and30) we cmmpare the two most often used labels, thefugeeand
the migrant The proportion of articles using the two terms changed in thposjte direction in all
sources, and in cases they did not (e.g. migrants in soomegovernmentalsources) there was no
significant change between the two periods.

42 During these weeks the level of xenophobia, which has been increasingjirfast2014, has decreased
(Sik, 2016b).
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29. FigureThe proportion (left figure) and rate (right figure) of using the labetefugeein the two
periods by sourcegpercentage of articles the label wasegs rate: proportion of articles after 2016
divided by the proportion of articles before October 2015)
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30. FigureThe proportion (leftfigure) and rate (rightfigure) of using the labemigrant in the two
periods by sources (percentage of articles the label was ysatd: proportion of articles after 2016
divided by the proportion of articles before October 2015)
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Therefore, we concluded thatunless we assume that the strength of th°Bwas so strong that all
sources were dominated by it since the trend is similar among botjpvernmentaland non-
governmentakources, the operation of the governmemmducedMPBcannot be justified.

If, howeverwe compare the rate of changeof prevalence of the two labels (hright hand blocks in
the two Figures)we find that thedecrease ofusing the refugeelabel is much stronger among the
governmentakources tha the average whicls a cleaindicaion oftheir stronger readinesto meet
with the expectations of thetate authorities*

43 We carried out the same analysis in case of all other labels and found that the trend in the two groups

of sources was rather similar: increasing ratenofration and decreasing rate for all other labelmfigrant,
immigration, asylum seeker, refugeesisandrefugee system
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We assumed that due to the pressing of ®B the governing party (Fidesz) will bre in focus in
the second lhan it was in the first period. A3gure 31 shows this indeedvas the casebut sincethis
trend was again similar in aburces, irrespective their political statffsand the fact that in both
groups there wereultliers, i.e. sourcewith extremely high increase ratehe MPBassumption cannot
be proved in this dimensioaither.

31. FigureThe proportion (lefffigure) and rate (righfigure) of mentioningFideszn the two periods
by sources (percentage of articles the label was ussd; proportion of articles after 2016 divided by
the proportion of aticles before October 2015)
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As to the trend of using the most often applied negative sentiment (illegal) we did not find any
systematic difference betweegovernmentaland non-governmentalsources (Figurg2). In both
groupsthere were sources hardly changing their practice and sources whaththis term signifantly

less in the second perio€Consequently, we should reject thwpothesis of thenfluence ofMPBIn

this respect.

a4 We found increasing proportion of mentioning the two larger opposition parties (Jobbik and MSZP) as

well. There was some difference in the proportion and rate of referring to them by the sources which are known
G2 0SS aik2va SEAViIi201 &S 2F |t FI KANWPKdz W2006A12X FYyR Ay Ol &
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32. FigureTheproportion (leftfigure) and rate (righfigure) of mentioningillegalin the two periods
by sources (percentage of articles the label was ussd: proportion of articles after 2016 divided by
the proportion of articles before October 2015)

40 109
35 0,9 0,8 0,8
30 5 27 0,8
25 20 0,7
20 16 17 18 0,6
15 1 9 1@ 0,5
10 0,4
5 | I |I | | 03
0 0,2
b‘ 0,1
O O Q/ YV ‘\- )
o‘\. \c}’b(' Q}s\?}:\ S ) \(\b ’ch),v /\o 0
X <
& 20 N . N o N
] < o"\.Q:;@(‘o '§<§§\o \(\b‘b 22 v Q{;\,’b <8
m lllegal -4 mlllegal -7 Qefy’\ & N

Finally, we assumed that ND + y will be]mibr2 iNJocus in the second period compared to the first.
As the following figuregFigure 3) shows (excepin one source) this indeed as the case. However,
we again did not find chr signs of the operationf the MPB¢ the trend was more or less similar in
both groups (with one deviatiogl f F1 KA NJ 6 SOl Y Socuddt y\fie ¥eBdn@ perdiotd + y

33. FigureThe proportion (lefffigure) and rate (righfigure) of mentioningh NI ih the two periods
by sources (percentage of articles the label was used, patgrortion of articlesafter 2016divided by
the proportion of articlesefore October 201%
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Chapter 3Summary andurther possibilities

The aim of this papeis twofold:first - as a methodological experimenillustrate the usefulness of
content analysigor EU authoritiesWith this case studwe intend tooutline a technique which is a
necessary (though insufficient) basis of an-Ealopean discourse monitoring system. The
development and regular updating of such a large scale and properly designed corpus could be the
basis (1) to analyze the discursive trends of the media (both prevalandeontentwise), (2) prepare
simple (descptive) comparative analyses of the media content on more focused topics, and (3) create
a corpus which can be used to make valid and reliabepth discourse analyses to uncover the
hidden content of the media.
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We thinksuch exercise arinportant if we accept that (1) the media has a strong impetus on public

opinion, (2) and this will even more be the case in the future when (3) issues which are morally sensitive
(such as migratioowA f £ 06S Y2NB FyR Y2NB GKS (I NBdatve2z ¥ Tl |
NEFHfAdGeeéd 'yR on0 AG gAff 0SS SaLlsSOAlLffte GKS OFas
G2 YFyALWdzZ FGS adKS YIy 2F (KS adNBSGé¢z dzaAy3a YAS3
hatemongering and generating moral panfor political advantages, especially (5) in its most
developed form (the morgbanic button, MPBFinally, (6) this database and analysis would help the
Commissiorio understand the triangle of actual migration discourses, voting behavior iCthencil

and in the European Court of Justice concerning asylum and migration isshedwtdmber States.

Secondly, we intended to continue and deepen our analysis of the politicization process of the
migration crisis in Hungary, we did in the comparative arélys2 ¥ al f ASYyOS Ay 2tp 0
Pasettiand DI N® 5 & O N2BIB): Bldteover, unlike in the papers we have written on the
theoretical approach moral panic button (MPB) earlier where we focused on the outéoimehis

paper we analyze the proces$the pressing of the MPB itelf. In other words, this analysis, though it

is hardly more than a descriptive overview of these processes can be considered as a first attempt to
illustrate the operation of the MPB.

First (Chapter 1.1 and 1.2ye summarized the limits of the content and discourse analijssiture

of the migration crisis in 2015 as far as its methodmlalgbasisWith several examples widlustrated

that even the besbpi have rather simple and/or biased empirical bassrsequently they can hardly

be considered as proper starting point fmymparative analysig.he wsuallimit of theseanalyses was

that even the mostsophisticated linguistic discursive analytical technig(reing very high level of
internal validity havehardly any external validity. In other words, we get a very detailed description
of the framing processes of the media but we do not know whether these cases were the exceptions
or the rules, i.e. we do not know how to generalize our findings.

As toour research desigr(Chapter 1.3),iace our aim was to reach the highest possible level of
external validity (while retaining the possible highest level of internal validity as well) the first priority
was to define the limits of our sampling design and wittito maximize coveragdé\s to the limits of

our targeting strategy, we sampled omglinesources and ignored (1) the printed editions of the same
media and the weekly or monthly magazines, (2) the TV and the radio, (3) the social media, and (4) all
forms of the local medialVe selected ten sources to represent the Hungaoaline media taking into
consideration three dimensions: (1) the type of souroslifie version of printed newspaper versus
onlinesite), (2) the size of the audience, and (3) threlation to the government (governmental and
non-governmental) as well as (among the Agovernmental sources) their political attitude (right
wing/radical versus moderate/lefiving). We selected five media with large audience four -non
governmental (indexu, 24.hu, atv.hu, and 444.hu) and one governmental source (origo.hu) which
used to be also feprofit beforeits nationalization. The other five sources consist of three rigimg

and two leftist online media with smaller but very active audience (alfdiu, pestisracok.hu,
magyaridok.hu and nepszava.hu, nepszabadsag.hu

Todescribe the main characteristics of the media discourse in Hungary during the migration crisis we
had to define the starting and (if there was) the ending dates of the-8pen of the migration crisis.

45 The increase of popularity of the ruling government (and the political party (Fidesz) behind it) and the
increasing level of xenophobia (Sik, 2016a, B&iki 2017).
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As to the former, we started our analysis on 1 ukny 2015 because in early January 2015 the

l dzy AF NRAFY t NARYS aAyAadSNI 0+A102NI hNBtyo Il @S aS¢
first pressing of the MPB. As to the end of the tiggan, we assumed that one of the main
charateristics of MPBs being a longerm form of manipulation, consequently, the discourse on

migration crisis did not end by the disappearance of refugees. Since several qualitative studies
illustrated the pressing of the MPB between 2015 and 2018, we decided to extenesaarch period

to cover the Parliamentary election in 20Hnally, we defined shorter periods which were identified

as separate pressings of the MPB within the tispan such as the prand postcampaign weeks of

the national consultations.

To find tho® articles which were likely to contain relevant information in relation with the migration
ONR&AAZ 6S RSTAYSR TF2dzNJ {1 Seég2NRa 0 ofvakdys8dcthid X¢ a6
articles which contained at least one of these keywords.

The politidgzation of the migration crisis in contemporary Hungary

We start the analysis of the politicization of the migration crisis in contemporary Hungary focusing on
prevalence(Chapter 2.1). We analysed the prevalence of relevant articles in two dimensimes: ti
span and source, i.e. we were interested whether there are significant differences along theptime

and the among the different types of sources focusing on the migration crisis.

We identified the following periods in which, compared to the precedind following periods, there

were smaller or biggechanges in the number of articleim 2015 the early January periodhé first

pressing of the MPH.e.the postl S6 R2 h NDbt y (theld&iSndlKansiitatioh @én terrorism

and immigratior. secondpart of June(the ongoing antiA Y YA INI GA2Y GAY FahdNX I GA2Y
between early August to early OctobgK S & | 2 i ! dzinidestigrécris®Im 2006Krém mid
Septembertoearly Octob¢K S y I GA2y | £ O2y & dzf ,inRALAr@nymicNdvenib&rS & { 2 N.
to early Decembethe campaign in relation to the quota referendwreated a higkselience periods.

To sum upmigration crisiselated news have the largest prevalencdhia news oriented worldvhere
non-governmental media dominateth Hungary, however, due to theepeated pressing ofthe MPB

the prevalence of the migration issues remained high. In other wondsle the high level of
prevalence during the peak of tmigration crisi©of 2015 can be considered as the normal reaction of

a newsoriented media, the high level of prevalence (especially in governmental sources and with
higherthan-average level of negative sentiment) without anyigrationrelated event occurring
(exceptthoseartificially created by the government),assign d the operation ofthe MPB.

In the following part of the paper we analysed the (un)changes o€timeent of the Hungarian along
the time-span and in the different sources.

Tha analysis dfibelling showed thatthe dominant term was ther Sy S {réuigek), followed by

Y A 3 Ngnigfant) andd S @+ y RranNgratiod). The termrefugeedominated the scene in 2015 and
2016 and wasosing strength by017/2018(duringthe quota referendum and its aftermatandthe
anti-UN, anttCEU campaignThe most salient period of this temvas the culmination of thenigration
crisisin September 201%ut by 2018 the prevalence of all four terms ohigration exceededthe
prevalence of thegerm refugee The fact that by the end dhe period various forms afigration
replacedrefugeecan be interpreted as the result of the operation of the MPB, i.e. while there were

46 The Hungdan equivalents of the termsefugee, immigrant, migranandrelocation
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masses of refugees (and migrants and asylum seekers) marching through Hungary the media used the
term which seemedad fit best to label the mixed population of foreigners. After this short period,
however, the term migration became more popular in the increasingly government dominated media.

As the MPB concept predictethe term refugeewas indeed significantly lessers in governmental
than in nonrgovernmental sources, and the opposites true to all four versions of the termigrant

To analyzé¢he use of the two most often use labels by sources during the-spsn of the research,
we selected pairs of sources ralaly similar as far as their type and the size of their audience were
concerned but differed in their relation to the government and political attitudes.

In case of the two websites having the highest number of readers, thegogarnmental source
(indexhu) the prevalence akfugeeshows a bell curve and (following a sharp rise after the first period)
there is not much change of using the temigrant. The prevalence of the former always exceeds the
latter. As to origo.hu (which became governmental source in 2016) the general trend of using the term
refugeeis a bell curve as well but with a fast drop in 2016, and the tmigrantis characterized by a
rising trend which became fast in 2017.

Comparing theonline version of a governmental (magyaridok.hu) and a -gomernmental
(nepszava.hu) daily (Figure 12), we find that in case of the governmental source the decreasing trend
of using the ternrefugeeand the opposite trend of using the termigrantexplains why by the mid

period deciles the latter reached the prevalence of the former.

We only very briefly illustrated the main characteristics of the prevalencactafrs, organizations
localitiesandsertiments. TKS R2YAY |l yi LR aAGA2Y 2F hNDBty FyR (GKS
officials among the most often mentioned actors proves that the government dominates the discourse

of migration crisisn HungaryThe trend of prevalence ¢f ND + y | ghitwed(i2KNRia 6 KAt S h ND
presence is relatively stable (except during the peak ofniigration crisi}, Soros appeared and had

risen fast only when the government propaganda pushed the MPB, i.e. decided to make him the
ultimate scapegoat of thenigration c¢isis The three dominant types of organizations in the corpus

were Hungarian media organizations, political parties and international organizaiibaesnost often

mentioned locations outline the main directions of the Balkan route ofrtiigration crisis The trend

of positive sentimenthiasa mild Ucurve which suggests that during the peak of thigration crisis

positive sentiments have somewhatand temporarily- lost their prevalenceAs to the trend of

negative sentimentghe termillegalhas beerfrequentlyused during the peak of thmigration crisis

of 2015and after 2017 becamthe epitheton ornans of the ternrmigrant and consequentlyan oft-

used metaphor of MBBspecially in governmental sources

In the course o&nalyzis w re-arranged the dataset into focused ssamplesand in this way created
guastexperimental designsto check whether the differences (if any) would fall into the direction
expected on the basis of the MPB approach.

The case of Origaan be considered as natural experimensince whileduring thebeginning of the
time-spanthis website(origo.hu) was a nogovernmental sourceby the end of thetime-span it
becamea state controlledone. We assumd that as the ownership of Origo has moved from non
goverrmental (i.e. markebriented consequently newsriented) towards statecontrolled owners
(who based their profit on state allocated propaganda funding), so had the content of the articles
changed into more and more serving the manipulative purposes ofRB.
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As expected, itere was a significardecrease ofusing refugee,asylumseeker, refugee crisend
refugee systemand an increasing use ofigrant and migrationand less visibly timmigration

Using the trend of the two most prevalent labels in #wire corpus as a benchmark, we could show
the role of MPB quite clearly, i.e. in the corpus there was a general decline of using theefegee

but in case of origo.hu this was significantly stronger. The trend of using thenmtgyrant also fits to

our expectations: compared to the general trend (a mild increase) origo.hu started to use this term
significantly more often after being subservient to MPB.

The use of the ternillegal deviated from the general trend as was expected: while in the corpus the
peak of using the ternillegalwas in the beginning of the timgpan, origo.hu applied this term in the
last periodwhen the Parliamentary election campaign focused on illegal migr@mbught by Soros

in collaborationwith civil organizations, the EU and the Utd Europe) heauvily.

The second example is based on the fact that duringtithe-span of the researctwo significanly
different periods can be defined: the ofefore ard the oneafter the buildingof the fence (September
2015) We assumed thatn the pre-fence period(1) because of thevisibility of refugeesand (2)
because of the existence of more polemic and informative media, the operation of the MPB was
somewhat temred but these balancing effect disappeared (or significantlgkerd) in thepost-

fence period Consequently, we assume that the previously identified signs of the effect of the MPB
will be more visible in the latter period compared to the former one.

Gomparing the rates of change of prevalence of thefugeeand migrant labels we éund that the
decrease of using theefugeelabel is much stronger among the governmental sources than the
averageg a clearindication oftheir stronger readiness to meet withe expectations oMPB.

Further possibilities of using the dataset

In the future there are two ways to use the dataset to improve our knowledge on the politicization of
the migration crisis in Hungary: (file-tune the content analysis an@) develop variousliscourse
analy®s. In the following we offer a list of furthecontent and discoursanalyses which can be
envisionedusing thedataset we developed:

as to content analysis:

- We can apply on the articleevel dataset more sophisticated analytical techniqueach as
principal component and cluster analysis to identify groups of articles containing particular
types of words significantly more frequently (for example key terms of MPB (illegal and

migrant simultaneousl 2 NJ G KS OdzY dzf I | @ucl?agSordsT Brussel§) IciilS 3 2 | G

society,etc.)in the same article.

- If we can identify certain elements of the general discourse on migration crisis as particularly
relevant, we could select subsamples containing stezsins and test whether our main
findings are present in these focused analyses and what other associations (if any) are
identifiable. We envision such focused analysis for example in relation to the relocation quota
which was a core topic of MPB in Hungary

- If we assume that MPB operates with short, simple, stereotypical messages, it might make
sense to select a subsample of containing only short articles, and test whether on this special
segment of articles our original findings are present more lucidly
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- If we assume that it is not the main text but headlines, leads, and have particularly strong
impact on the public that it makes sense to repeat our analysis on these elements of the
articles.

- If we assume that pictures have a particularly significdfece on the public, we should
analyse the pictures belonging to the articles (by using the analytical technics of the excellent
paper on the typologwf pictures(The faces of migratignxxx)) separately.

- Using principal component and cluster analysiscaeld describe the structure of the positive
and negative sentiments in a systematic way. Once we created lttsters that contain
sentimentsstrongly belonging to each other (adifer from those in other clusters) we could
differentiate among the artles whether (1) they are focusing on a particular sentiment or
contains a mixture of them and (2) what are the relations of these sentiment types to the other
elements of the message the article contains (e.g. what sentiment structure is more or less
likely to be attached to the appearance of Merkel, etc.).

- The dataset contains articles which are not related to Hungary directly such as terror cases or
the USA/Mexico migration crisis, etc. If we assume that the use of these type of news can also
be part of the MPB propaganda than we should identify those lagtigvhich contain both
domestic and international elements of MPB as a spéecniqueof manipulation

As to discourse analysis:

- Considering theesults of our qualitative analysis of the media and Parliamentary speeches
6. 23yt NI &diafilsiéval of i cosleytrée, we can stad develop the basic typology of
frames 0 & dzO K I a GLI2 SN adNHAIE S¢ = Aa2@PSNBAIyAGE
G KdzY | y A & (i AMDeeoveE Miis Yualliative analysis could also serve as a first step
towards idenifying the typical argumentation discoursive elements and the diverse
approaches towards solidarignd responsibility

- Analysing the characteristics actors are present in the discourse, there are stivezakions
to analyse such as (%e shoulddifferentiate between those occasions when the actors act
and when they are only referred t¢2) we could identify metaphors associated closely to a
certain actor, (3) we could analyse the context of sentiments in which an actor appears (such
as a culprit or adro, a leader or a follower, a representative of an ornagization or of a nation
(or idea), etc

- Focusing on the localitiese can draw the mental map which is communicated to the Readers
by the media and analyse what type of discourse is associated ésdhocalities (such as
GFE22RAY3IET GOKIYyStftAy3Ieés az2o0aidl 0t S¢x SioOo

- Mutatis mutandis, similar exercise can be envisioned in case of actors and/or ornagizations
(i.e. what role is associated to the particular person and organization), and how are these roles
associated to each other and to other characeristics of the actors/organizations (such as
sentiments).

- Networks ofactors and/orgnizations can be relevant dimensions in understanding the deeper
relations within the discourseOnce such structures areddtified their (in)stability, the
sentiments they are associated with and metaphores they hold, etc. can useful to reveal the
less visible aspects of the discourse.

- There is a unique opportunity to compare the overlap of the frames in the media and public
opnion. In 2016 and 2018 a representative survey used a questionnaire in which a block
focused on migration related fears and those who are responsible for them (scapegoats). We
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could identify the words (sentences) used in the survey in the media and zmndheir
association, i.e. to find identical structures (if there are any) in the media and the public
opinion.
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Glossary

Cluster analysighttps://en.wikipedia.org/wiki/Cluster_analygis

Clusteranalysi¥ A& GKS dGFal 2F 3INRdzZLIAY3I I+ asSid 2F 2062801
(called ecluster are more similar (isome sense) to each other than to those in other groups (clusters).

X [/ £dzadSNJ Iyl f&aA aalgbrithtn$at The dederalytaskito e ys@veda ILi&Obe T A O
achieved by vaous algorithms that differ significantly in their understanding of what constitutes a

cluster and how to efficiently find them. Popular notions of clusters include groups withdistatices

between cluster members, dense areas of the data space, intervals or partistatistical
distributions

Corpus(based orAllen, 2016 p. 23)

/ 2NlJdza f Ay3dziaidAada Aa Fy | LIINRFOK G2 addzReAy3a fI
(singular: corpus) to look for usage pattern¥;2y 3 2 § KSNJ | & L& sad\Fapparkrt i | NB
when researchers read a small set of articlsdespite computerizedassistance, researchers still

cam and arguably mustview how the quantitative patterns exist in context and interpret the
significance of them.

Critical discourse @malysis(https://en.wikipedia.org/wiki/Critical discourse_analypis

Critical discourse analygiSDA is an interdisciplinary approach to the studyd@fcourse or put simply

talk and text, that views language as a fornsotial practiceScholars working in the w#ion of CDA
generally argue that (noetinguistic) social practice and linguistic practice constitute one another and
focus on investigating how societal power relations are established and reinforced through language
uselln this sense, it differs frordiscourse analysi® that it highlights issues of power asymmetries,
manipulation, exploitation, and structural inequities in domains such as education

Discoursive hitorical analysis

aThe analysis will follow a multilevel pattern of analysidt distinguishedetween the entrylevel
(thematic, topic oriented, or content oriented) and -depth (strategy oriented including
argumentation orientedgnalysis. Within tk former,the focus is mainly on discourse topics that allow
one to map the key tendenciestime contents of analyzed mediated texts and to sketch the tendencies
in overallframing of the discussed issues. Thelapth analysis, on the other hand, focusasthe key
patterns of argumentation. It will rely on the notion of discursive strat¥gsnd, thereby, on the
category oftopoi (or argumentation schemesg (Kryzanocsky (2018b p. 105)
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GXLY (GKS FANBG adl3asSz GSEGEA |INBS ON ANSyridi ® 2S RNBX R I
level, an irdepth analysis of texts is undertaken to ascertain how intertextuality and interdiscursivity

is achieved (through recontextualization) and performed through certain linguistics strategies at the

text or entence level. In this case, the focus will be on just two related elements of the Discourse

I Aa02NROFE FLIWNRIFOKY (G2L1R2A YR fSIAGAYIGAZYPE 6.

Discourse strand

a (G2LAOIET GKNBFRA 6A0GKAY RA&O2 daediag thé notioh 9f & dzY Y I
discourse strand in such a fashion are

- topical continuity

- strong intertextual links (often explicit) among its elements
- relative temporal proximity

- an often limited group of social actors (focused social field)
- an initiating event or events

- topically and temporally bounded

- high keyness values (of subcorporavasdA & O2 N1LJ2 N} 0 ®¢ OSWKSAYRBINF | yR

Framing(https://en.wikipedia.org/wiki/Framing_(social_sciences)

Frames in communication consist of the communication of frames between different actors. Framing
involvessocial constructiorof a social phenomenortg by mass mediasources, political or social
movements, political leaders, or other actors and organizations. Participation in a language community
necessarily influences an individugtierception of the meanings attributed to words or phrases.
Palitically, the language communitiesatvertising religion, and mass media are highly contested,

JSONhttps://en.wikipedia.org/wiki/ JSON

In computing JavaScript Object NotatiodSOINis anopen-standardfile format that useshuman
readabletext to transmit data objects consisting aftributeqvalue pairsandarray data typegor any
other serializablevalue).

Moral panic

A moral panic is the process of arousing social concern over an isaualy through the work of

GY2NI f SYdNBLNBySdzNBRé 0LIS2LX S AYAdGALFGAY3I GKS LIy
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mass media. This process can be described as intensive fear and a high level of anxiety raised by news
transmitted by the masmedia As Cohen defined it the moral panic is a threat to societal values and
AyiSNBaGaeg 6/ 2KSY MpPpTHOLO

MPB (BarlaiSik, 2016)

TheMPBis a complex set of stapropaganda techniques. It includes various forms of manipulation
adzOK | a WylKAegI i o2 ydldeaidnméntaiyter ionBrgverdmping waves

of billboard, TV, radio spots campaigiifie aim of using th&PBis win popularity by framing and
manipulating the political discourse in the public sphere. This is ateng highcost manipulation
technique which monopolizes all forms of media and reduces the room for maneuver ef non
governmental actors. Throughithmechanism, citizens can be reached with messages that are tailored
by professional framing experts to influence the way they think, feel and behave.

In our casehie message is alwaysrdgration crisiselated issue (i.eanti-Sorosanti-UN,anti-EU anti-

civil societyetc.) but with different scapegoatsThese targets, however, are framed in a way to form

a conspiracy against the Hungarian nation, against which only the government can save the people
othe government is using th®IPBto build nationd unity 0 &creating anenemy image as subject of

the moral panic which is perceived as a thréatsocial values and national interests, thus to moral
order £ (BarlaiSk, ibid p.153)

Natural experiment(https://en.wikipedia.org/wiki/Natural _experiment

Anatural experiments an empirical study in which individuals (or clusters of individuals) are exposed
to the experimental and control conditions that are determined by nature or by dé&prs outside

the control of the investigators. The process governing the exposures arguably researidem
assignment Thus, natural experiments armgbservational studiesand are notcontrolled in the
traditional sense of aandomized experimentNatural experiments are most useful when there has
been a clearly defined exposure involvingell-definedsubpopulation (and the abseamf exposure

in a similar subpopulation) such that changes in outcomes may be plausibly attributed to the exposure

Parsing(https://en.wikipedia.org/wiki/Parsiny

Within computational linguisticshe term is used to refer to the formal analysis by a computer of a
sentence or other string of words into its constituents, resulting pawse treeshowing their syntactic
relation to each other, which may also conta@manticand other information.
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Robustnesghttps://en.wikipedia.org/wiki/Robust statistids

Robust statisticare statisticswith good performance for data drawn from a wide rangeafbability
distributions, especially for distributions that are nobrmal One motivation is to producgtatistical
methodsthat are not unduly affected bgutliers. Another motivation is to provide methods with good
performance when there are small departures frearametric distributions

Scrapinghttps://en.wikipedia.org/wiki/Web scraping

Web scrapingweb harvesting or web data extractioris data scrapingised forextracting datarom
websites While web scraping can be done manually by a software user, the term typietrs to
automated processes implemented usingat or web crawler It is a form of copying, in whicspecific
data is gathered and copied from the web, typically into a central lda&baseor spreadsheet, for
later retrieval or analysis

Stemming(https://en.wikipedia.org/wiki/Stemminy

Inlinguistic morphologyndinformation retrieva) stemmingis the process of reducing words to their
word stem base oroot form. The stem need not be identical to therphological roobf the word;

it is usually sufficient that related words map to the same stem, even if this stemiis meelf a valid
root.

Validity (external and interngi( https://en.wikipedia.org/wiki/Validity (statistics))

Internal validity is determined by how well a study can rule out alteéveaexplanations for its findings
External validitconcerns the extent to which the (internally valid) results of a study can be held to be
true for other cases, foexample to different people, places or times. In other words, it is about
whether findings can be validly generalized.
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Appendix1 The steps of building the datasét y R M&riigand Endre Sik

In Appendix1 we add some details to Chapter 1.3 where wmé&oduced the Readetto the steps we
made inthe course of building our datasett Chapter A1.1 we focus on two aspects of coverage
sources and periodn Chapter AL.2 we focus on theechniqueswe usedin the @urse ofselecingthe
articlesin general and in particular those whi@finom our point of viewhad relevant content. Finally,
in Chapter AL.3 and AL.4 we introduce the Reader to the variables theginaldatabase consisted and
the variables we constriied lateras well as the formats of the outpyEPSS and JSOMhis section
offers the Reader a chance to check theinal validity of our analysis ar@hn be used as a manual
for further research as well.

Al.1The sources of the researth

Table Al.1.1The generatharacteristicsof the selected sources

Origo (www.origo.hu)

Established in 199®wned by New Wave Media Group. Orientation: right, conservatism.

Searchingbyt® aA(GSQa 26y aSIkNOK SyaiyS O020SNAy3a (KS 4§
in the domestic and foreign politics sections.

PestiSt cok (www.pestisracok.hy

Established in 2012. Owned by Insider Med@rientation: right, conservatisminvestigative
journalism.

(S NDKAY3 68 (KS AA(S5Qa 26y ASFNDK Sy3arys 0O02@SNR
in the following sectioné al 3&F NJ dzZ3I NE +Aft+ 3 dz3IFNE C2NNk RN U

I £ F fwknNai&hir.hu)

Establishedd 6 Y SR o6& YAS3IeSyagtez2i20G aSRALSNIG ! £ LING @

{SFNOKAYy3 o6& GKS arAiaSQa 26y a4SIHNOK Sy3aiaySd 02 3SNR
of the entire site since there are no separate sections.

MagyarL R [www.magyaridok.hy

Established in 2015 Owned by Mediaworks. Orientation: right, conservatism.

{ SFNOKAYy3 o6& (KS &ovdiirg tha whdlgpériod. Bl rélsieiit arBojedare/séected
in the domestic and foreign politics, Opinion and the Situation sections.

Index (www.index.hu)

9400t AdAKSR AY wmMdhpp P h gy SR rientdtiora llef BberalsnC S22t ! RS & S NI
{SFNOKAY3 08 (GKS araiasSQa 2¢y aSIHNOK Sy3aiayS O2gSNR
in the domestic and foreign politics sections.

24 (www.24.hu)
47 https://en.wikipedia.org/wiki/List_of newspapers_in_Hungary
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Established in 1996. Ownédeé / Sy G N} f 5A3AGH A& aSRAF® hNASydGlr g,
{ SFNDKAYy3 o6& G(GKS ariasSQa 2y aSINOK SyaiyS 0203SNA
selected in the domestic and foreign politics sections.

444 (www.444.hu)

Established in 2013. Owned by Magyar Jeti. Orientation: left, liberalism.
{ SFNDKAYy3 o0& G(GKS ariasSoa 26y aSINOK SyaiyS 02 3SNA
in the domestic and foreign politics sections.

Atv (www.atv.hu)

Established in 1989. Owned by Hungarian Faith Church. Orientafi@n:

We create a list of all articles during the entire period andrawler select the relevant articles
backward until January 1 2015 in the domestic antdrnational sections

NSpszavalwww.nepszava.hi)

Established in 1877. Owned by TDG Intermedia. Orientation: left, social democratic.
{ SFENDKAYy3 o6& GKS ardasSoa 2gy aSlI NDOHricksarkksletedO2 @3S NA
in the domestic and foreign politics samts.

Nol.hu

Existed between 1956 and 2016. In 2015 bought by Mediawork from a Foundation owned by the
Hungarian Socialist Party only to close down next year. Orientation: left, social déimocra
{SFNOKAYy3 o6& GKS aAGSQa 26y &aSIHNOK SyaayS 023SNR
2016 (the last day the newspaper was published). All relevant articles are selected in the following
sections: domestic and international politics, @iphs sections.

Table AL.1.2The results of scraping in the domestic and international sections by sources (number of

articles)*®
Source Total Selected
Domestic
origo.hu 33021 2271
pestisracokhu 4111 351
alfahir.hu 50628 3986
magyaridokhu 44907 4513
indexhu 26919 1716
444.hu 77204 4181
atv.hu 42340 2408

48 In case of alfahir.hu, 444.hu and nepszdn there were no international sections but there were

special sections (Se Table A1.1.1). Articles in these sections were considered as part of the domestic scraping.
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24.hu 45933 2306
nepszavau 38932 4314
nol.hu 12159 1682
International

origo.hu 24746 2012
pestisracokhu 26968 2969
magyaridokhu 48551 4988
indexhu 25590 2227
atv.hu 30820 1742
24.hu 32744 2568
nol.hu 12810 2193

Table A.1.3The proportion of the selected articles of all artichgssources

Selected articles | All articles Proportion (%)
origo.hu 4283 57757 7
pestisracokhu 3320 31079 11
alfahirhu 3986 50628 8
magyaridokhu 9501 93458 10
indexhu 3943 52509 8
444.hu 4181 77204 5
atv.hu 4150 73160 6
24.hu 4876 78677 6
nepszavahu 4314 38932 11
nepszabadsahu 3875 24969 16
Total 46429 578373 8
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Table A.14 The allocation of observations betweerddnuary 2015 and 18 April 2018

7 January 15 April |11 28 March| 10 17 January, | 201 March
- 4 c 31 September - 1 Jung Novemberg |20 Februaryg 15 April
February November| € 9(2017 8 Decembe| 2018 2018
2015 2015 October (cca. 9 2017 (cca. § (cca. §
(4 weeks) (cca 3q 2016 weeks) | (4 weeks) |weeks) weeks)
weeks) (4 weeks)

origo.hu |x X X X X X X

pestisraco | x X X X X X X

k.hu

alfahir X X X X X X X

magyarido X X X X X X

k.hu

indexhu |x X X X X X X

24.hu X X X X X X X

444.hu X X X X X X X

atv.hu X X X X X X X

nepszava | x X X X X X X

u

nol.hu X X X

Al.2 The selection of articles

As a result ocraping every article containedt least onanatching keywords. If an article contained

any of these given keywords (in thigle, subtitle, abstract, body or tag), the matched wor@re
logged in an array form with the field it was found in. (Pictdfe2.])
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PictureA1.2.1¢ 62 SEIl YLX Sa 2F (GKS &St SOGAZ2Yy 27 refude& & dzF TA
in the corpué®

25 "matches™: [{
26 = "match":

27 nEield": "body",

28 "word™: "mencekildben”

31 [ "match™: |
32 "field": "body",

"word™: "bevandorlaként™

The observation unit of parsing wake article. The original dataset (already filtered by Precognox)
was formatted as follows:

source
sourceUrlused as unigue identifier for an article)

publication time

headlineof the article (if any)

subtitle (if any)

authors (can be e person, multiple peopleanonymous or news orj
lead (if any)

body the content of the articlg

tags(defined by the authorif any)

images (array of link® picturesand descriptions)

category(the basic genre of the article)

= =4 =4 4 -4 4 4 -4 -4 -4

=

To illustrate the necessary cautiousness to work with-mandatory elements(subtitle,lead tag) in
the corpus, we showhe restts of identifying hese elementg¢TableAl1.2.].

Table A.2.1 The number of having tagsubtitles and abstractsy source

Subtitle

Tag present |Notag |present No subtitle | Leadpresent | Nolead
24.hu 4751 123 0 4874 3443 1431
444 .hu 4096 85 4132 49 0 4181
alfahir.hu 3947 39 38 3948 3829 157
atv.hu 0 4150 4150 0 4149 1
index.hu 3943 0 3678 265 956 2987
magyaridok.hu | 7833 1668 8356 1145 8279 1222
nepszava.hu |4337 3 1879 2461 3841 499
9 ¢CKS LIWINBEAYIFGS GNryatriaazy 2F GKS HBSt2500BRS Jirgy23.

OYSYS{Nf!oSyo YR aF& AYYAINIylGe 0SOtyR2NIs]Syidoo
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nol.hu 3869 6 0 3875 3143 732

origo.hu 4283 0 0 4283 4206 77

pestisracok.hu | 3140 180 3320 0 1598 1722

TableAl.2.1showsthat the differences of thalesignof a sourcecansignificantly bias the weight of
the source whenwe analyz the prevalence or content ohese noamandatory elementsMoreover,
some source might be completelymissing orseriouslyunderrepresented€.g. in case of tagstv.hu
and magyaridoku).

As to the limit of using the termmategory(i.e. from which section of the source the article was scraped)
as Tabl&A1.22 shows, whit the basic genres (domestic or international news) work well in most cases,
there are sources where further analysis is needed to decide about the handkpgahlisections.

Table A.2.2 The number of categories by source

The
Domestic |International| situation Hotline | Opinion
24.hu 2306 2568 0 0 0
444 .hu 4181 0 0 0 0
alfahir.hu 3986 0 0 0 0
atv.hu 2408 1742 0 0 0
index.hu 1716 2227 0 0 0
magyaridok.hu |[4513 4301 146 0 541
nepszava.hu 4340 0 0 0 0
nol.hu 1682 1606 0 0 587
origo.hu 2271 2012 0 0 0
pestisracok.hu 351 66 0 2903 0

To avoidduplication, the scraping was organized in a way which identified articles with the same URL
and ignored themPictureAl1.2.2illustrates the format of an article in the corpus looked like.
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PictureAl.2.2An example of an article as the unit of analysis in the JSON format

"source”:
"sourcelrl™:
"publicati

“"images": [{
"image": {
"alt": ""
"spc”: "

}
.
"matches”: [{
"match”: {
"field"
"word" :
}
H.

"category”: "be

The JSON files were parsegimgramR, with the rjson packag&he arrays in thebservations were
flattened and concatenated when needed.

Some articles had zero body leng#itér roundedin hundreds) Mostof the time thesewere either
photo galleries or videosr had nonstandard formattingesulting in a stub articléThesezero-length
articles were omittedrom the file This filteringagainaffected some sources more than others (e.qg.
atv.hufrequently uploaded segments from their TV prograifigbleAl1.23).

Table A.2.3 The number of filtered and parsed articlesdnurces

Filtered Parsed
origo.hu 14 4283
pestisracoku | 11 3320
alfahirhu 182 3986
magyaridokhu | O 9501
indexhu 2 3943
24.hu 109 4874

60



444.hu 47 4181
atv.hu 164 4150
nepszavau 26 4340
nol.hu 23 3875
Total 578 46453

Al.3Variables

We started to build theSPSS file, wesed the Precognoxiashboardas a benchmarknd added new

items when their frequencyeached2-3%in the corpus. In a separate phase we checked the proper
yIEYSa (2 FALGSNI 2dzi & R Scidhad thel sartdtein Justto illusfrite thd2 2 £ G K
difficulty to identify a proper name we attached the following listthe raw filewhich contains the

most frequent proper names of the total list (N=63562).

Table A.2.4The list of the most frequent thirty pper names in the raw file
In English(if notN

obvious)
al 38 NBNEIT t 3 Hungary 14593
Fidesz 14221
hNBtyYy A1 G2NJ 8564
Jobbik 8283
al 38 NBNAT t 3:lnHungary 7391
9 dzN¥ LJ 6386
hNbt Yy 6334

al 38 NBNAET t+ 31To Hungary 5365

9dzN}k LI A ! YAs 4231
Viktor 4097
Soros 3972
al 3el NBENARIT t+ 3 3388
Az The 2971
9dzNk LI} O ¥V In Europe 2864
9dzNF LI A . AT 21 2617
{2NR& Del NHe& 2614
Budapesten In Budapest 2481
hNRT + 338 £t Sa Parliament 2389

61



t SGSNJ 2228

9dzN¥k L} Ot To Europe 2205
bSYSG2NAET+ 3 Germany 2181
WHy2a John 2128
[+ TN wWty2a 1873
. NNaal St 1849

al 3@ NBNAT t+ 3\For Hungary 1834

Keleti Eastern 1783
Ausztria 1780
{TA22t Nls t Si 1777
[+ &l fs Leslie 1766

The listsof proper namesin the SPSS filkose mentioned most frequently in tharticles}® were as
follows:

I OG2NARY hNDPY FANHR Nd dHDZ 0aSN] St o203 {TA22t NIz
Ow:203 Wdzy Ol SNI 620X tAYGSNI 0203 hol Yl oO0w:03X t dzi

Organizations: MTI (20%), Fidé€s2%), Brussels (15%), ENSZ (8%), Jobbik (8%), Schengen (7), Isis (6%).
YM 6c¢20X af{¥%t 06c¢:0X CF0OS6221 o6c:r0x SttSyl S{TA LI
(3%), LMP (3%), NATO (3%).

Location®Y 9! X 9dzNk LI A ! yAs O0PYVESHZNII B3 NEWNEO I 3. deR Iy
938SaNfd #ftlY2]1 O6mMH:0X ! dATGNAF omMmM20T ¢ NJ {2
CNI yOAF2NERT+3 06c¢20X . FElty o6pr0X SNIAY ép:r03X |
ONRGFYYAF ®m: 0z {16200 1Al

A special progranh(tp://opendata.hu/hu/dataset/hungariarsentimentlexicor) was used to identify
the sentiments This programidentified 5939 negative andl748 pgaitive sentiment words We
searched only for exact matches, because the lexicon already contained suffixed folrmats.
currentworkfile both br the negative and positive keywordalythe most often occurring 50 negative
and positive terms werkept. These were as follows:

t 2aAA0A0S agBod(iaroy, Bnfaimperta@é m v > weall (1@6),fszabatteed di’> 0 X - & A 1 SNN
was successfuldo di’z 0 = Y®BoBeF 6 €50 & Gduppard o k@b = YsSldient(3d), &

Gt Y 2 3suppdrtdag (4%), eg$ NI S f-udeidvgeally 6 ez 0 Y SpHopeslyf $406), Sy

0 AT (2¥adeltomnZ:a0 3 trudFofnsxFR0AS S AReQUNGES 6 MZED = JIDHRYS (196) A

Kl 2f-leafso:z 0 3 f-pBKillilyd & S@Z -tentfal(32)/ dikklmasuitabled 0"z 0 Z - & A { S NN
suceed(3%), sikeressuccessfub 037z 0 = -Bupporeodt 0 I -axpdrt(3B)NI !

50 The percentages indicate the proportion of articles an item was mentioned at least ones.
ol CAdZNIKSNJ FylFfeara YAIKG OKFy3IS (KAa O fdsSé¢ anyRS (K:
ahNbtyé 6SNBE YSYyGA2ySR wTm: YR m:z NBaLSOGAGSteo

a
52 Two quasi 20l GA2ya& FT2N)J 200A2dza NBFaz2ya 6SNBE O2RSR |
Schengen.
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b S 3 keseMidentsA f { Slegal {(12%)F Sdaredd y
rosszbadé ci’:
607203  @éngdreBus® &AL
reservedod 072 U X -dbNdce(39%), batrouble (3%), te
007203 YSoABmNLAI0 X 0 Fy-Oinédios:

We created a new variable to measure #iee of the articlq

0 Z-crifis(: & & 3 LINRobIENg6P4),

0 3 -war(63eANGE S Alegalll Y)Y+ Y I-akthck(4%), terrorizmugerrorism
“KarliBe2ONF 350 =

& legréemelonS DS G4 NIisT |2
rroristaerrorist (3%), konfliktusconflict
0YZS-g&adly (3969, ditattforbidden(3%).

bodylength by the number of characters

(space included)lhe average size of antiale was 2527 characters (standard deviation 2612) with a

significantly lower median and mode (both 1000 charact
articles.The length of the bodieswasrounded to hundreds

Al.4 Data output

ers) which indicates a large number of longer

The corpus itself was archiveddl8ONormat but for the currentwork filethe results were exported
to SPS&rmat. The exports have been truncated, because most formats (xlIsx, sps) cannotlbagdle

strings. These exports do not contain the body mdthier. T
the body lengthwasrounded to hundreds.

In the original JSON filep save spacthe export was form

he zero body lengthvasfiltered out, and

atted differently: instead of nestiogel

obsewation as seen in the examplegwmested by the fieldshemselvesThis way we avoid printing

2 dzi ( 6 8am@&s30$ ImBs®he number of observatio
form with the following syntax in R:

> library(rjson)
> files_list < read_json("./out/json/sample.json")
> files_df < data.frame(sapply(files_list,c))

n$his can beransformed to the original

=K

CoMIg R M3d P N34 ha" . "I4 R

n

e non N non nn nen new n

wea

a™, "4 .hu", "24 _hu", "24 . hu", "24.hg

n

L non N non nn nen e T

, "belfdld", 3
_title": [false, false,
_subtitle": [false, false, false, false,
_abztract"”: [false, false, false, false,
a : [false, false, false, false,
[fal=se, false, false, false,
subtitle™: [false, false, false,
tract": [false, false, false,
": [false, false, false, false,
e": [false, false, false, false,
: [false, false, false,
: [false, false, false,
: [false, false, false, false,
: [false, false, false, false,

1ams

false, false, false,

false,

false,
false,
false,
false,
false,
false,
false,
false,

B =1fg14d", "l
false, false, true, false, false,
false, false, false, false, false, false, fa
false, false, false, true, false, false, fal
false, false, false, false, false, false,

fal=ze, false, false, false, false, false, fa
false, false, false, false, false, false,
false, true, false, false, true, £
true, true, false, true, false, true, £
false, false, false, false, false, fal
false, false, false, false, false, false,

false, false, false, false, false, false,

false, false, true, false, false, false,
false, false, false, false, false, false,

false,

false,

The total number of words in the corpus was8&3225. This number, however contains the so called

GadR2BIRae 60GKSE
end up with 8179984 words.

I YREZ

0dzi X0 @ L ¥ a@dmedtdy seroniing fve/

w

e
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Appendix 2 Milestones and basic statistics of the migration crisis in Hungary in 2015 and
2016

Table A.1 The eventhistory of the Hungariammigration crisisn 2015

The first relevant fiicial statement related to immigration into Hungar

11 Janua t NAYS aAyAadSNI hNbt yQa &LISSOK A
i for the victims of theCharlie Hebdterror attack: economic migration is ba
Hungary will therefore not provide asylum for economic migrants.
Preparations begin forthe 0l f t SR Wyl A2yl f O2
Aoril initiated by the government (mailingquestionnaire to all Hungarian adul
P to canvass their opinion on immigration). Increasing number of-¢
immigration communiques by the government.
May WhlBA2Q2yadzZ GFrGA2yQ 2y AYYAINI
Governmentsponsored antimmigration billlard campaign nationwids
June and a counter campaign is organized by a fringe political party with
immigration messages.
25¢30 June The formation ofpro-migrantgrassroots organizations.
The Hungarian government starts building a fence along thegHriarg
13 July .
Serbian border.
The opening of transit zones atrailway stations in Budapest with th
5¢8 August volunteers and grassroots providing street social work and aid for as
seekers.
8 Auqust 71 dead migrants are found in a varAiastria close to the Hungarian borde
g obviously en route from Hungary.
Negotiations are under way about a central transit zone in Buday
25¢29 August

controlled by the Municipality of Budapest.

end of August,
early
September

Increasing tensions ahé Budapest railway stations, where thousandsg
asylum seekers are waiting for the opportunity to travel on to Germi
Tensions are increased by the erratic reactions of the Hungarian autho
and the state railway company: at one point no asylum segkre allowed
on the trains leaving for Germarmyeven those with valid tickets; later it
again possible to get on the trains for a few hours, but then all internati
trains leaving for Germany are cancelled for a few days; on 3 Septem
train leaves Budapest Keleti railway station with asylum seekers who

informed that they are heading for Germany; the train, however, is stop
at the Bicske reception camp (Hungary), with asylum seekers fe
cheated and trapped.

3¢6 September

Right afte the train incident at Bicske on 3 September, asylum seeke
Budapest Keleti railway station set out to walk to Austria along the
motorway. In response, the government provides buses to transport
asylum seekers direct to the Austrian border fr¢ime motorway and from
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Keleti station. A statement is made by the head of the Catholic Chur
l dzy A NBZ /I NRAYlFf tSGSNJ 9NR! &=
church in the crisis, in stark contrast to statements made by the Pope.

8 September

PSGNI [+ &l s | OlwhEHUhgarRryTV Eharinel, N
NEFdzaSSa NHzyyAy3a FNRBY (GKS LRtAO

15¢16
September

WeKS oldaGtsS 2F wl al(18Q GF18a L
the physical and legal closuref the HungariagSerbian border. Thg
migration flow heads towards the Hungar@@roatian border.

17 September

The HungariagSerbian border is closed.

21¢23
September

WSLISNOdzaaAaz2ya 2F | ALISSOK RSt AQD
I2PSNYYSyil KIFa 3IAGBSY FAYILIYOAL
grassroots protest, as they have in fact not received any state funds
prime minister meant only those &blished charity organizations that we
commissioned by the government with providing aid at the Croatian
Austrian borders after 15 September.

16 October

The fence along the Hungarig@roatian border is completed, the border
closed: the end ofte mass inflow of asylum seekers and migrants
Hungary.

{ 2dzNDOSY WdzKt a1 Sd It Hnwmc

Table £.2 The number of asylum seekers by the citizenship 22016

Citizenship 2010 2011 2012 2013 2014 2015 2016 2017
Afghan 702 649 880 2328 8796 46227 11052 1432
Algerian 35 56 59 1116 98 599 710 62
Armenian 11 12 2 3 4 3 44 C
Bangladeshi 4 3 15 679 252 4 059 279 9
Cameroon 6 6 3 54 94 642 15 9
Chinese 12 10 6 5 11 8 27 1
Egyptian 14 20 8 105 23 92 218 6
Ethiopian 3 1 6 5 8 43 32 5
Georgian 68 21 12 41 40 30 13 6
Indian 3 11 12 84 11 345 123 6
Iraqi 48 54 28 63 497 9279 3452 812
[ranian 62 33 45 61 268 1792 1286 109
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Kosovo

Mali

379

C

Macedonian 5

Moroccan
Moldova
Nigerian
Pakistani
Palestinian

Russian

14

14

37

41

225

23

Sierra Leone 5

Sri Lanka
Serbian
Syrian
Somali
Sudanese
Turkish
Tunisian
Ukrainian
Vietnamese
Other

Total

Source: Hungarian Statistical Office
http://www.ksh.hu/docs/eng/xstadat/xstadat annual/i wnvn002b.html
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Figure AR.1 The number asylum seekers and refugees in Hungary (January/March @013
January/March 2016)
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Figure &.2 The daily number of illegal border crossings and thetmalevantmigration crisigelated
events (1 January 201531 November 2015)

{ 2 dzND S ¥ 2 WoZ1ea |
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